On Biases in Online Reviews and the Moderating Effect of

Review System Design

Der Fakultat fir Wirtschaftswissenschaften der
Universitat Paderborn
zur Erlangung des akademischen Grades
Doktor der Wirtschaftswissenschaften
— Doctor rerum politicarum —
vorgelegte Dissertation
von
Jurgen Neumann, M. Sc.

geboren am 14.12.1992 in Akmola, Kasachstan

Mai 2021



Acknowledgements
I would like to thank all the individuals who have contributed to my academic and personal growth
throughout the writing of this dissertation. Every one of you has, in some way or other, made my journey

incredibly valuable and fun. | will always be grateful for these memories and treasure them.

To Dennis, for showing me the ropes of the research world and helping me bring out my potential. To
my former and current colleagues, be it fellow PhD colleagues or student assistants, for not only being
competent coworkers but also great friends. To Angelika and Peter, for keeping the organization
together. To Gabi and Karen, for guiding me through the jungle that is the English language. To the
CRC 901 and Paderborn University for giving me so many opportunities to widen my horizon and gain

international experience.

Of course, my thanks also extend to those who supported me in my private life and provided me with a
safe haven | could return to every day after long days of doing research. To Lea, for enduring the ups
and downs of the research cycle with me, for making sure | stay down-to-earth but also lifting me up,
and for being the best partner I could wish for. To my parents, for their unwavering support with each
and every one of my endeavors. To Torben as well as all my other close friends and relatives, for all

those amazing experiences during this time that, luckily, had nothing to do with research.



Table of Contents

Synopsis
1L IMIOTIVALION. ...ttt bbbttt b n et n e 1
2. Theoretical BackgroUnd .............cocooiiiiiiiiie et 6
3. BOdy OF KNOWIBAGE. ...ttt sttt 9
3.1 CoNCEPLUAI IMOTEL ...t 9
3.2  Existing Reviews Of the LIteratUre..........cociiiiiiiiiiieeseeseese e 9
KT B o 1ol T- | (o ¢ I T 1 1SS 12
4. Overview and CONIIDULION ..o 16
4.1 GUELEt al. (2019D). ... 18
8.2 GUEEEE AL (2020).....veeeeeeeeeeeeeeeeeeeeeeeeeeeeeesees e s e s ee s e ee e es s e s e s ees et en e 19
4.3 Neumann €t @l. (2021) ....cccee ettt e et e e nrae e nnre e 21
4.4 NEUMANN (2021) ..oviiiiiieieie ettt bbb renre s 23
5. Reflection on Methodology .........c.cooiiiiiiie e 25
8. CONCIUSION ...ttt bbbttt b et b ettt n s 28
6.1 Contribution and IMPlICALIONS...........cccciiiiiiicc e e 28
6.2 LIMITALIONS. ...t b bbbt n bt n e 31
6.3 Avenues for FUTUIE RESEAICN ..o 32



Submitted Research Papers that Form Part of this Dissertation

1. Gutt, D., Neumann, J., Zimmermann, S., Kundisch, D., and Chen, J. 2019b. “Design of Review
Systems — A Strategic Instrument to Shape Online Reviewing Behavior and Economic
Outcomes,” The Journal of Strategic Information Systems (28:2), pp. 104-117
(doi: 10.1016/j.jsis.2019.01.004).

2. Gutt, D., Neumann, J., Jabr, W., and Kundisch, D. 2020. “The Fate of the App — Economic

Implications of Updating under Reputation Resetting,” Working Paper, Paderborn University.

3. Neumann, J., Gutt, D., and Kundisch, D. 2021. “Reviewing from a Distance — Uncovering the
Negativity Bias of Psychological Distance in Online Word-of-Mouth,” Working Paper,

Paderborn University.

4. Neumann, J. 2021. “When Biased Ratings Benefit the Consumer — An Economic Analysis of
Online Ratings in Markets with Variety-Seeking Consumers,” Working Paper, Paderborn

University.



Co-Authored Publications on Online Reviews not Included in this
Dissertation

1. Gutt, D., Neumann, J., Jabr, W., Kundisch, D. 2021. The Fate of the App: Economic
Implications of Updating under Reputation Resetting, contribution at: Sixth Workshop on
Information System Design and Economic Behavior (ISDEB 2021). (newer version with

different research focus)

2. Poniatowski, M., Neumann, J. 2020. Getting Personal with Review Systems — Analyzing the
Influence of Personality Traits on the Relationship between Review Templates and
Reviewing Behavior, in: Proceedings of the 28th European Conference on Information

Systems (ECIS), Research-in-Progress.

3. Seutter, J., Neumann, J. 2020. Reviewing the Simple Things — How Ease of Evaluation
Affects Online Rating Behavior, in: Proceedings of the 28th European Conference on

Information Systems (ECIS).

4. Poniatowski, M., Neumann, J. 2020. You Write What You Are — Exploring the Relationship
between Online Reviewers’ Personality Traits and Their Reviewing Behavior,
in: Tagungsband der 15. Internationalen Tagung Wirtschaftsinformatik 2020 (WI), Short

Paper, Potsdam, Germany.

5. Seutter, J., Neumann, J., Kundisch, D. 2020. Nudging in Judging — Differences in Online
Rating Behavior for Utilitarian and Hedonic Service Aspects, in: Tagungsband der 15.

Internationalen Tagung Wirtschaftsinformatik 2020 (WI), Short Paper, Potsdam, Germany.

6. Seutter, J., Neumann, J. 2019. Head over Feels? Differences in Online Rating Behavior for
Utilitarian and Hedonic Service Aspects, in: Proceedings of the 40th International

Conference on Information Systems (ICIS), Research-in-Progress, Munich, Germany.
7. Neumann, J., Gutt, D. 2019. Money Makes the Reviewer Go Round — Ambivalent Effects of

Online Review Elicitation in B2B Markets, in: Proceedings of the 25th Americas Conference

on Information Systems (AMCIS), Cancun, Mexico.



10.

11.

12.

13.

14,

15.

Neumann, J., Gutt, D., Gorzen, T., Kundisch, D. 2019. When does Local Status Matter? — The
Relationship between Reviewer Location and Perceived Usefulness of Online Reviews,
in: Proceedings of the 25th Americas Conference on Information Systems (AMCIS), Cancun,

Mexico.

Poniatowski, M., Neumann, J., Kundisch, D. 2019. Reviewing the Vendor or the Product —
Analyzing Vendor versus Product Representation in B2B Review Systems, in: Proceedings of
the 25th Americas Conference on Information Systems (AMCIS), Research-in-Progress,

Cancun, Mexico.

Poniatowski, M., Neumann, J., Gérzen, T., Kundisch, D. 2019. Organizing Their Thoughts —
How Online Review Templates Affect the Review Text, in: Proceedings of the 27th

European Conference on Information Systems (ECIS), Stockholm, Sweden.

Gutt, D., Neumann, J. 2019. The Virtues of Anonymity — An Empirical Investigation of the
Relationship between B2B Online Ratings and Reviewer Self-Disclosure, in: Proceedings of
the 27th European Conference on Information Systems (ECIS), Research-in-Progress,

Stockholm, Sweden.

Neumann, J., Gutt, D. 2019. He Who Pays the Piper Calls the Tune: Online Review
Elicitation by Sellers and Third-Party Platforms in B2B Markets, in: Proceedings of the 27th
European Conference on Information Systems (ECIS), Research-in-Progress, Stockholm,

Sweden.

Poniatowski, M., Neumann, J., Gérzen, T., Kundisch, D. 2019. A Semi-Automated Approach
for Generating Online Review Templates, in: Tagungsband der 14. Internationalen Konferenz

Wirtschaftsinformatik, Research-in-Progress, Siegen, Germany.

Neumann, J., Gutt, D., Kundisch, D., van Straaten, D. 2018. When Local Praise Becomes
Cheap Talk — Analyzing the Relationship between Reviewer Location and Usefulness of
Online Reviews, in: Tagungsband der Multikonferenz Wirtschaftsinformatik 2018 (MKW1),

Research-in-Progress, Lineburg, Germany.

Neumann, J., Gutt, D., Kundisch, D. 2017. A Homeowner’s Guide to Airbnb: Theory and
Empirical Evidence for Optimal Pricing Conditional on Online Ratings, contribution

at: INFORMS Conference on Information Systems and Technology (CIST), Houston, USA.

v



16. Neumann, J., Gutt, D. 2017. A Homeowner’s Guide to Airbnb: Theory and Empirical
Evidence for Optimal Pricing Conditional on Online Ratings, in: Proceedings of the

25th European Conference on Information Systems (ECIS), Guimaraes, Portugal.



Co-Authored Publications not Concerning Online Reviews that are not
Part of this Dissertation

1. Seutter, J., Miller, M., Neumann, J., Kundisch, D. 2021. Do Smart Product Service Systems
Crowd Out Interactions in Online Communities? — Empirical Evidence from a Cooking
Community, contribution at: International Conference on Challenges in Managing Smart
Products and Services (CHIMSPAS 2021).

2. Miller, M., Neumann, J., Gutt, D., Kundisch, D. 2020. Toss a Coin to your Host - How
Guests End up Paying for the Cost of Regulatory Policies, in: Proceedings of the 41th

International Conference on Information Systems (ICIS).

3. Miller, M., Gutt, D., Neumann, J. 2018. Beschreib mir deine Wohnung und ich sag' dir wer
du bist — Eine explorative Analyse von Gastgeberpersonlichkeiten auf Airbnb,
in: Tagungsband der Multikonferenz Wirtschaftsinformatik 2018 (MKWI), Student Track,

Lineburg, Germany.

4. Kundisch, D., Neumann, J., Schlangenotto D. 2017. Bitte stimmen Sie jetzt ab! — Ein
Erfahrungsbericht Uber das Audience Response System PINGO, in: Proceedings der 15. e-
Learning Fachtagung Informatik (DelFI 2017), Chemnitz, Germany.

5. Bach, C., Kundisch, D., Neumann, J., Schlangenotto, D., Whittaker, M. 2016.
,Dokumentenorientierte NoSQL-Datenbanken in skalierbaren Webanwendungen — Eine
Analyse am Beispiel von MongoDB und der Webanwendung PINGO,*“ HMD Praxis der
Wirtschaftsinformatik, (53:4), pp. 486-498.

6. Kundisch, D., Herrmann, P., Whittaker, M., Neumann, J., Magenheim, J., Reinhardt, W.,
Beutner, M., Zoyke, A. 2013. Designing a Web-Based Classroom Response System,
in: Proceedings of the Design Science Research in Information Systems and Technologies
2013 (DESRIST), Lecture Notes in Computer Science (LNCS), Vol. 7939, Springer.

Vi



Synopsis




Synopsis

1. Motivation

“Consumers are empowered by Yelp and tools like it: before, when they had a bad experience, they didn't

have much recourse. They could fume, but often nothing else other than tell their friends. ”
— Jeremy Stoppelman, CEO of Yelp Inc.?!

In the early days of e-commerce and online markets, few consumers were brave enough to do online
shopping, while the majority were concerned about not being able to physically inspect the products
and feared being exposed to fraudulent sellers (Ipsos MORI 2000). The design of these markets did not
allow consumers to tell apart high-quality products from low-quality ones, or honest sellers from
opportunistic ones. The information asymmetry between consumers and sellers is not a new
phenomenon, however, as it has been analyzed for offline markets since 1970. Akerlof has shown that
such asymmetry is a central cause for market failure, with sellers of high-quality products being driven
out of the market (Akerlof 1970). Ironically, the resounding success of online markets suggests that the
threat posed by information asymmetry has been overcome. As predicted by Bakos in 1991, online
markets have not only become a means of exchanging products and services but also offer a space where
consumers can share their consumption experiences. Customers can review their experiences publicly
and inform potential consumers about the quality and taste match of past consumption experiences (Sun
2012; Zimmermann et al. 2018). The accessibility of these reviews helps those consumers searching
online with their purchase decisions. According to Bakos’ (1991) prediction, online reviews thus reduce
the information asymmetry between buyers and sellers, which ultimately prevents the market from
failing (Akerlof 1970).

Since their first introduction on marketplaces like Amazon or eBay, the systems that present customers’
reviews (i.e., review systems) have become a staple of today’s online landscape. They have been
implemented by a multitude of online shops but also by third-party platforms. Moreover, their use is
not limited to products and services sold online but also permeates to the offline world with local
stationary businesses being reviewed on Yelp or Google Maps Reviews. Typically, past customers
publish a review consisting of a textual description and a numerical rating (e.g., 3 out of 5 stars). Review
systems do not only collect and present these reviews publicly, but also provide additional metrics such
as an average of all numerical ratings. Previous studies (e.g., Chevalier and Mayzlin 2006; Wu et al.
2015) as well as market surveys present empirical evidence suggesting that the information presented
by these systems substantially influence consumer decision making. For instance, in 2019, 56% of
German online shoppers reported that they read online reviews to inform their purchase decision

(Bitkom 2020). In line with this, the literature has demonstrated that increases in a product’s? average

1 This quote was published in an interview by Dredge (2013).

2 In the following, ‘product’ refers to physical products but also to services.
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rating (also referred to as valence) and in the number of reviews (also referred to as volume) causally
lead to more sales (Chevalier and Mayzlin 2006; Luca 2016) as well as to an increase in pricing power
(Feng et al. 2019).

The impact of online reviews on consumer decision making, at first sight, lends support to the notion
that review systems successfully reduce the information asymmetry between buyers and sellers.
However, these systems still exhibit informational inefficiencies that impair the reduction of
information asymmetry. For example, there are differences in the average ratings of the same
apartments between Airbnb and TripAdvisor (Zervas et al. 2020). In an ideal setting where review
systems allow consumers to see the population mean of consumer assessments ex ante, there should
arguably not be any differences in average ratings for the same product across different platforms. Also,
rating distributions on a 1 to 5 scale often exhibit a relatively high number of 1- and 5-star ratings,
resulting in a J-shape distribution, whereas the actual population distribution tends to follow a normal
distribution (Hu et al. 2017). Theoretically, if rational consumers were aware that such a pattern existed
they should be able to integrate this into their decision making (e.g., Sun 2012). Empirically, however,
consumers are often bounded in their rationality. Even if they were aware of such patterns, it has been
shown that they would still not be able to fully account for them when making their decisions (Hu et al.
2017). As a result, such informational inefficiencies can have a considerable impact on the reduction of
information asymmetry of review systems, impeding their optimal functioning. Reasons for such

inefficiencies stem from (1) drivers of online reviews and (2) the design of review systems.

For the purpose of this dissertation, drivers of online reviews are defined as all those external factors
that influence the generation of reviews and ratings (Gutt et al. 2019b). In the literature, these drivers
are often referred to as biases? (e.g., Hu et al. 2017), especially when they affect ratings. For example,
ratings on Airbnb are often overly positive because hosts and guests on the platform exhibit a reciprocity
bias when rating each other (Bolton et al. 2013; Zervas et al. 2020). Consequently, reciprocal behavior
is a driver of online reviews that manifests in positively biased ratings on Airbnb. Further, the previously
presented pattern of the J-shape distribution is partially driven by the preference bias (Hu et al. 2017;
Li and Hitt 2008). Consumers buying the product generally exhibit a higher preference for it and thus
give higher ratings than those that decide not to buy it. In case of the preference bias, consumer

preferences constitute a driver of online reviews.

3 As per standard dictionary definition, I refer to the term “bias” as “a tendency or inclination of outlook; a
subjective point of view” (Merriam-Webster 2021). One could also understand biased ratings as ratings that deviate
from the “actual quality” of a product. However, “actual quality” is often limited to a theoretical perspective
because factors related to taste contribute to perceptions of quality that differ across consumers (Hu et al. 2017),
making “actual quality” hard to grasp.
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The key difference between sharing product information offline and reviewing a product online is that
the latter involves information technology (IT), which means that we share our review with potentially
millions of unknown website visitors (e.g., Yelp 2021) instead of only face to face with a person known
to us. Taking this process online therefore changes the motivation and behavior of senders and receivers
of this information compared to private offline conversations (Chen 2017; Wojnicki and Godes 2017).
Further, the design of the IT artifact (in this case, the review system) has, as with all information systems
(Hevner et al. 2004), a substantial impact on the outcomes produced by this system. Each individual
design feature of a review system can moderate the impact that one or more drivers can have on online
reviews and consequently strengthen or weaken informational inefficiencies. For instance, the
differences in ratings between Airbnb and TripAdvisor can be attributed to differently designed review
systems (Zervas et al. 2020). Reciprocal behavior can only occur if hosts and guests review each other,
which is allowed by the design of Airbnb but not of TripAdvisor. In this case, introducing mutual
reviewing as a design feature contributes to an upward bias (Bolton et al. 2013). As another example,
implementing a multi-dimensional rating system, which offers separate ratings for each product feature,
instead of a single-dimensional one helps consumers find products that better match their taste and thus
yields generally higher and less dispersed ratings (Chen et al. 2018). As a result, the number of rating

dimensions moderates the impact of the preference bias.

As shown in the above example of multi-dimensional rating systems, the impact of review system
design is not restricted to reviewers but also extends to readers of reviews and therefore also moderates
the impact that reviews have on economic outcomes. Merely aggregating all ratings into a single
average rating—as is the case for Yelp—incentivizes sellers who have reached a high average to exploit
their reputation (Aperjis and Johari 2010; Dellarocas 2005), for example by employing a ‘milking
strategy’ (Mir Djawadi et al. 2018). This involves sellers using their high average rating as a quality
signal to lure in consumers before lowering their product quality to reap the benefits of keeping a high
price while enjoying lower costs. Again, this informational disadvantage on the side of the consumer
can be overcome by making a different design choice, namely implementing a reputation discontinuity
mechanism, i.e., a measure which accounts for changes in product quality when displaying reviews or
when aggregating ratings. One such measure, deployed by eBay, for example, involves introducing a
reputation discontinuity mechanism that calculates the average rating only for a limited time span, e.g.,

12 months, in the case of eBay (Dellarocas 2005; Aperjis and Johari 2010).

Given the crucial role of drivers and design features for the effectiveness of review systems in reducing
information asymmetry, a substantial amount of research has emerged over the last 20 years, aimed at
(1) identifying the drivers of online reviews and (2) evaluating the design features of review systems.
Moreover, the current state of knowledge has been consolidated in literature reviews and meta-analyses,
both on the impact of online reviews on sales (e.g., Floyd et al. 2014; Babi¢ Rosario et al. 2016) and of

drivers on online reviews (Hong et al. 2017; King et al. 2014). However, in light of the richness of this

3
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body of knowledge, it is surprising that, at the time of writing, we lack a systematic literature review
that consolidates the knowledge on review system design and its moderating effect on the impact of
drivers on reviews, as well as on the impact of reviews on economic outcomes. Therefore, to address
this gap in the body of knowledge, the first study included in this thesis (Gutt et al. 2019b) provides a

synthesis of the current literature on this topic.

In Gutt et al. (2019b), we not only give a systematic overview of research on review system design, but
also uncover gaps in the current body of knowledge, which opens up important avenues for subsequent

research in this area. As a result, this dissertation also contributes to two of the identified gaps.

The first gap arises from the fact that review systems are constantly being modified by established
platform owners introducing new design features. Despite the growing amount of research analyzing
these changes, there is an increasing need to understand the impact of novel design features and those
that have been proposed by prior work, but not yet analyzed. Review systems have to be increasingly
tailored to the specific characteristics of their market setting and their product range. For instance,
markets where product quality can change over time, such as the restaurant industry or the market for
smartphone apps, make older reviews less relevant or redundant. As a result, prior research has
suggested to account for or even to remove these outdated reviews in different ways (Moreno and
Terwiesch 2014; Ghose 2009) but has not yet followed up with an empirical analysis on how such a
feature affects economic outcomes. Therefore, this dissertation contributes to understanding specific
reputation discontinuity mechanisms, which are designed to mitigate the informational inefficiencies

stemming from simply aggregating all ratings and displaying outdated reviews.

Second, there is little knowledge on the role of review systems in different review environments, namely
two-sided review environments, B2B review environments, and review environments characterized by
an offline-online interaction. For example, it is unclear how a consumer’s offline environment should
be incorporated into review system design (Gutt et al. (2019b). Even more so, it has been found that
this knowledge gap extends to drivers and economic outcomes of reviews as well (Gutt 2019),
suggesting an overall lack of knowledge on geographical dynamics (e.g., a consumer’s current offline
location or local market competition) in the literature on online reviews. Consequently, this dissertation
aims to contribute to this gap by (1) analyzing the informational inefficiencies in review systems that
stem from a consumer’s offline location and (2) revealing economic consequences of informational

inefficiencies for markets that exhibit geographical dynamics.

This dissertation addresses our lack of knowledge regarding (1) a consolidated view on review system
design, (2) reputation discontinuity mechanisms as a design feature, and (3) the impact of consumers’
offline locations on ratings and economic outcomes, with four research studies. The first study
synthesizes, as outlined above, the current state of research on review system design. The research gaps

we identify in this study (Gutt et al. 2019b) serve as the starting point for the subsequent studies of this
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dissertation. The second study (Gutt et al. 2020) examines how reputation resetting affects the economic
performance of software products. We analyze a market for smartphone apps and investigate how the
resetting of an app’s reputation, which can be either driven by the seller themselves or by the platform,
affects its sales. In the third study (Neumann et al. 2021), we analyze how a consumer’s offline location
(i.e., whether they are reviewing as a traveler or as a local) affects their online ratings by empirically
analyzing observational data from TripAdvisor and Yelp. As a result, we uncover biases in online
ratings driven by geographical dynamics. In the final study (Neumann 2021), | develop an analytical
model to investigate economic consequences of biased ratings such as their impact on price setting or
consumer surplus. Particularly, this model captures variety-seeking tendencies, which means that
consumers have an intrinsic desire to switch between sellers for the sake of variety. Consumers exhibit
such tendencies, among others, on markets connected to the restaurant and leisure industry, which are
markets that also exhibit geographical dynamics. Therefore, the results of this model analysis shed light

on the economic consequences of the biases revealed in the third study.

The findings of this dissertation contribute to our knowledge on the reduction of information asymmetry
through the implementation of review systems and our understanding of how these systems should be
designed to support their market function. In so doing, we also advance behavioral theory on consumer
evaluations by connecting Self-Enhancement Theory (Shrauger 1975) with Self-Distancing Theory
(Kross and Ayduk 2017) and by demonstrating that—contradicting prior literature (Maglio et al.
2013)—different psychological distances do not always affect these evaluations in the same way.
Further, | contribute to both economic theory on online reviews (e.g., Kwark et al. 2014) and on variety-
seeking behavior (e.g., Zeithammer and Thomadsen 2013) by deriving novel propositions from an
analytical model. Finally, we also establish review systems as strategic information systems based on

the resource-based view of the firm (Barney 1991).

The remainder of this dissertation is structured as follows: In Section 2, | describe the fundamental
theoretical principles that explain the role of review systems in markets. Section 3 presents the current
state of knowledge leading up to the three central research gaps addressed by this dissertation. In Section
4, each study included in this dissertation is outlined alongside the individual contributions of all co-
authors as well as the scientific presentations and publications associated with it. In Section 5, | reflect
on the research methodology employed throughout this dissertation. I conclude with Section 6 by
presenting the theoretical implications, practical contributions, and limitations of each study as well as

by providing directions for future research.
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2. Theoretical Background

The central theoretical construct which underlies research on review systems is information asymmetry.
Akerlof (1970) outlines how information asymmetry can turn a market into a ‘market for lemons’.
Scrutinizing a market for used automobiles, he explains that information asymmetry can lead to market
failure. New cars have known probabilities g of being high-quality and 1 — g of being low-quality
(being a “lemon”). Car owners can only discover the true quality of their car over time. Buyers of new
and used cars, however, cannot assess whether a car is of high or low quality. This information
asymmetry implies that both low- and high-quality cars are sold for the same price. A new car must be
more valuable than a used car. Otherwise, owners of a low-quality car could trade their car for a new
one and have a new shot at getting a high-quality car. As a result, the owners of a high-quality used car
cannot ask for a price equal to their car’s true value, because it is less valuable than a new car. They
leave the market causing the probability of encountering a lemon on the market to increase beyond 1 —
q. This implies that high-quality sellers cannot even receive their car’s expected value. Because of this,
high-quality sellers are driven out of the used car market, causing consumers to leave the market as

well. Ultimately, the market fails.

Even prior to Akerlof’s (1970) seminal analysis of asymmetric information, Harsanyi (1967, 1968a,
1968b) laid the foundation for the study of information asymmetry with game theoretic models (Chen
et al. 2020; Gul 1997). A game of incomplete information (Harsanyi 1967, 1968a, 1968b) introduces
different types of players (e.g., sellers of high- and low-quality cars). Players do not know what type
the other players are, but they do know their own type and have a subjective probability distribution
regarding the type of others (e.g., beliefs regarding whether a seller has a high- or low-quality car). The
introduction of this type of game essentially allows to conduct an equilibrium analysis (Nash 1950) for

any game with information asymmetry (Gul 1997).

Akerlof (1970) demonstrates that markets need to be designed so that consumers are provided with
reliable information regarding the better-informed party of the market and thus have trust in their trading
partner. Naturally, this is not restricted to used car markets, but even more so, important for digital
markets where transactions often occur between strangers, over a geographical distance, and
sequentially (e.g., payment in advance) (Chen et al. 2020). One way to achieve this provision of
information is by letting the better-informed parties of the market signal their quality. This is postulated
by the well-established Signaling Theory (Spence 1973). The problems arising from information
asymmetry can be overcome if high-quality sellers are able to obtain a signal that allows consumers to
distinguish between high- and low-quality sellers. This signal needs to be costly to obtain for low-
quality sellers and at the same time enable high-quality sellers to earn sufficiently high profits. Formally,

this is the case if, for high-quality sellers, the payoff from obtaining a signal is higher than the payoff
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from not obtaining a signal. Simultaneously, for low-quality sellers, the payoff from obtaining a signal

needs to be lower than the payoff from not obtaining the signal. (Connelly et al. 2010)

From a Signaling Theory perspective, the reviews with their texts and numerical ratings as well as the
aggregated metrics provided by the system represent signals that inform consumers about quality (Li
and Hitt 2010). The same signals can also inform them about consumers’ individual taste match (Chen
et al. 2018; Hong and Pavlou 2014). This information may otherwise be unknown to them. If posted
reviews would always be unbiased and truthful, they would allow consumers to derive perfectly
accurate information. This in turn would make it impossible for a low-quality seller to obtain a signal
indicating high-quality in the review system without raising the quality of their own goods. Consumers
could then rely on these signals and incorporate them into their decision making. Incorporating the
perspective of a game with incomplete information (Harsanyi 1967, 1968a, 1968b), one can conclude
that these signals alter the subjective probability distribution that consumers share about the types of
products offered by a seller. Naturally, this is also the case for signals that are inaccurate and might lead

consumer decisions astray, such as biased ratings.

Economic models have incorporated these perspectives when studying online reviews. Some models
assume that past buyers post truthful reviews, allowing later consumers to derive accurate information
for their purchase decision (e.g., Li and Hitt 2010, Zimmermann et al. 2018). Others, however, introduce
inaccuracies in online reviews. For instance, the taste match information in reviews can be modelled so
that reviews signal the correct taste match with a certain probability and the quality information can be
represented by a numerical value, which does not necessarily represent the true underlying quality and
may be biased (Kwark et al. 2014, 2017).

Game and Signaling Theory provide the classical theoretical foundation for the study of online reviews
from an economic perspective. However, to understand how and why online reviews exhibit biases, as
outlined in the previous section, it is also necessary to rely on additional theories, which often focus on
the behavioral aspects of individuals. For instance, the reciprocity bias introduced by allowing mutual
reviewing between buyers and sellers (Bolton et al. 2013) can be explained by the well-established
Reciprocity Theory (Falk and Fischbacher 2006). Because both parties in the transaction fear retaliation
after providing a negative review, each resorts to giving a positive review regardless of the experience.
In a similar way, to study how sharing word-of-mouth online instead of offline affects consumer
behavior, prior studies (Chen 2017; Dubois et al. 2016) have employed Self-Enhancement Theory
(Shrauger 1975). The latter postulates that individuals strive to maintain a positive self-view, which, in
the context of reviews, means that consumers prefer to post positive reviews instead of negative ones
to convey to others that they have, for example, made a smart purchase decision. Analyzing online
reviews from any behavioral perspective will always require the consideration of a multitude of theories

stemming from a range of domains such as psychology and marketing.
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As demonstrated above, researching online reviews requires a comprehensive understanding of
economic theory and behavioral insights. In line with this, Chen et al. (2020) postulate that designing
efficient review systems necessitates the interplay between economic theory, behavioral economics,
and empirical research. Chen et al (2020) consider review system design an act of market design because
it fulfils the definition provided by Kagel and Roth (2020) of design involving ‘not only [...]
marketplaces but also [...] other economic environments, institutions and allocation rules’ (Kagel and
Roth 2020, p. 290). In contrast to mechanism design, market design complements the rationality
assumptions of economic theory by accounting for irrational behavior explained by behavioral
economics and analyzed through empirical research (Chen et al. 2020). The studies belonging to this
dissertation embrace this notion since they, as a whole, cover all three of the aforementioned aspects,

namely economic theory, behavioral economics, and empirical research (see Table 1).
Table 1: Interplay between Economic Theory, Behavioral Economics, and Empirical Research

in this Dissertation

Study Economic Theory Behavioral Economics Empirical Research

Gutt et al. (2020) Application of Game - Field Data Analysis
Theoretical Model on

Reputation Resetting

(Kovbasyuk and

Spagnolo 2018)

Neumann et al. (2021) | - Self-Enhancement Field Data Analysis
Theory (Shrauger
1975)

Self-Distancing
Theory (e.g., Kross

and Ayduk 2017)
Neumann (2021) Development and Variety-Seeking -
Analysis of Game Behavior (e.g., Kahn
Theoretic Model 1995)

Biases in Consumer
Evaluations (e.g.,
Williams et al. 2014)

Note: Gutt et al. (2019b) builds on theory in strategic management and cannot be assigned to the
three aspects of market design as suggested by Chen et al. (2020). Still, it provides a synthesis of
literature belonging to all three of those areas.
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3. Body of Knowledge
3.1 Conceptual Model

To give an overview of the rich body of knowledge on online reviews, | present the conceptual model
introduced in Gutt et al. (2019b) (see Figure 1). In general, online reviews consist of a numerical rating
(e.g., star rating from 1 to 5) and a textual review, while some review systems also offer additional
metrics, such as, for example, on an individual review level, helpfulness as voted by readers, on an
aggregate level, average rating or the number of reviews, and, on a reviewer level, reviewer reputation.
The conceptual model presents three constructs, namely drivers, economic outcomes, and design of
review systems, which share either a direct or an indirect relationship with numerical ratings, textual
reviews, and/or metrics. First, many studies have investigated the impact of online reviews on economic
outcomes, depicted by arrow (a) in Figure 1. This effect can occur on a consumer level (e.g., higher
rating increases willingness to pay, Wu et al. 2013), firm level (e.g., higher number of reviews increases
sales, Duan et al. 2008), and market level (e.g., ratings indicating true quality increase market efficiency,
Dellarocas 2003). Second, there is research on the drivers of online reviews (arrow (b) in Figure 1). |
refer to drivers as all external factors that affect ratings, review texts, and metrics. Drivers can be review-
related (e.g., higher prior ratings affect the current reviewer’s rating, Muchnik et al. 2013) or reviewer-
related (e.g., preferences of reviewers increase ratings of early reviews, Li and Hitt 2008). Finally, the
design of review systems moderates the two prior relationships. For instance, allowing mutual reviewing
moderates the impact of reciprocity as a driver of reviews (arrow (d) in Figure 1, e.g., Bolton et al 2013).
Similarly, calculating the average rating based on only the latest ratings instead of all ratings moderates
the impact of online reviews on market efficiency (arrow (c) in Figure 1, e.g., Aperjis and Johari 2010).
Apart from these two design features of review systems, there are many more features that have been

analyzed by research.

‘ Design of Review Systems ‘
I

(d) (c)

Drivers Online Reviews Economic Outcomes
| Review-related ‘ | Numerical Rating | | Consumer Level ‘
(b) | Textual Review | (a) | Firm Level ‘
| Reviewer-related ‘ | Metrics | | Market Level ‘

Figure 1: Conceptual Model of Existing Online Review Research as in Gutt et al. (2019b)

3.2 Existing Reviews of the Literature

Before outlining the research gaps this dissertation contributes to, | present prior studies that have either

synthesized existing studies on online reviews or conducted a meta-analysis of the studies. Table 2
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provides an overview of these reviews and the meta-analyses. It classifies the constructs they analyzed

according to the four components of the conceptual model in Figure 1. The section proceeds by first

presenting the literature reviews and then the meta-analyses.

Table 2: Literature Reviews and Meta Analyses on Online Reviews

Study Type of Analyzed constructs  Analyzed constructs  Analyzed constructs  Analyzed
Study corresponding to corresponding to corresponding to constructs
drivers reviews itself economic outcomes  corresponding to
design
Cheung and Literature Stimuli (e.g., Responses (e.g.,
Thadani Review Valence, Volume) Attitude, Purchase
(2012) . Intention)
Communicators
(e.g., reviewer
expertise)
King et al. Literature  Antecedents of eWOM Antecedents of eWOM
(2014) Review Senders (e.g., Self-  Characteristics (e.g., Receivers (e.g., Characteristics
Enhancement) Volume, Valence, Search/Evaluation (Reviewer
Variance) Efforts) Reputation
Syst
Consequences for Consequences for ystems,
A Anonymity)
Senders (e.g., Receivers (e.g.,
Reviewer Reputation ~ Willingness-to-Pay,
Gain) Trust)
Tadelis Literature Product Quality Valence Prices Some Basic
(2016) Review Bi sal Features (Treating
i
o ' Repeated Purchases ~ Positive, Mutual
Reciprocity) Reviewing, Text
Mining to Improve
Seller Ranking)
Matos and Meta- Antecedents (e.g., Valence
Rossi (2008) | Analysis Satisfaction, Vol
Perceived Value) olume
Floyd et al. Meta- Valence Sales
2014 Analysi
( ) aysIs Volume
You et al. Meta- Valence Sales
2015 Analysi
( ) nalysts Volume
Babi¢ Meta- Valence Sales
Rosario etal. | Analysis Vol
(2016) olume
Variance
Hong et al. Meta- Review-related Usefulness
(2017) Analysis Factors (e.g.,
Readability, Review
Age)
Reviewer-related
Factors (e.g.,
Reviewer Expertise,
Expert Label)

Note: The general terms used by the authors to summarize constructs are shown in italics. Studies are presented in order of

(1) type of study and (2) date of publication.

10



Synopsis

The extant literature reviews have adopted different perspectives. Cheung and Thadani (2012) employ
the Social Communication Framework (Hovland 1948) focusing on communicators, stimuli, receivers,
and responses. In terms of my conceptual model (Figure 1), their synthesis covers studies concerning
the relationship between online reviews and their economic outcomes from a consumer perspective. As
a result of their synthesis, they derive multiple propositions describing how their framework’s
components relate to each other, for example they postulate that “eWOM volume is positively
associated with purchase intention” (Cheung and Thadani, 2012, p. 465). King et al. (2014) take on a
slightly different perspective in their literature review by structuring the body of knowledge into a 2x2
matrix distinguishing between antecedents and consequences of reviews as well as between senders and
receivers of reviews. The quadrant antecedents of senders describes aspects that drive consumers to
publish a review. Consequences for senders resulting from publishing a review can mainly be described
as a gain in their own reputation as a reviewer, which is information that is often displayed next to a
review. Antecedents of Receivers can be seen as all those reasons that consumers have for reading
reviews such as a lower search cost. The resulting impact of reviews on readers, such as higher
willingness-to-pay, is captured by the quadrant Consequences for Receivers. The latter two quadrants
both cover benefits of reviews for consumers, which is why | classified them as references to economic
outcomes of reviews. For each of these quadrants, the authors synthesize the literature covering various
eWOM characteristics, such as valence or volume. The literature review by Tadelis (2016) aims to give
an overview of the impact of reviews on online marketplaces and therefore presents studies describing
the positive impact of valence on economic outcomes. The author further discusses current issues of

review systems stemming from biases and review system design, such as the reciprocity bias.

Overall, the extant literature reviews focus on studies analyzing the relationships between drivers,
reviews, and economic outcomes. Studies analyzing the design of review systems are mostly neglected
in these reviews, with the exception of a few studies investigating specific design features, e.g. studies
on reviewer reputation systems and anonymity, which are mentioned in the review by King etal. (2014).
In contrast to the other literature reviews, Tadelis (2016) places a stronger emphasis on the review
system itself, and describes design features such as mutual reviewing and handling buyers who do not
leave a review. However, Tadelis does not make review system design the central focus of his review,

as indicated by the author referring to design merely as some basic features.
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Similarly, the meta-analyses focus either on the impact of reviews on sales or on the impact of drivers
on reviews, but neglect review system design. Floyd et al. (2014), You et al. 2015, and Babi¢ Rosario
et al. (2016) confirm the positive impact of valence and volume on sales and find platform types and
product characteristics influencing these relationships. Focusing on the drivers of online reviews, Matos
and Rossi (2008) conduct a meta-analysis of multiple antecedents of the propensity to post reviews, and
find that quality, for instance, is positively correlated with reviewing intentions. Also focusing on
drivers of reviews, Hong et al. (2017) present a meta-analysis of the antecedents of online review
helpfulness, revealing inconsistent results for constructs like review readability or reviewer expertise,

for example.
3.3 Research Gaps

Having examined all prior literature reviews and meta-analyses, | conclude that, despite the substantial
impact that design features can have on the well-researched relationships between drivers, reviews, and
economic outcomes, a comprehensive synthesis of the literature on review system design is still
missing. For instance, the previously explained reciprocity bias is arguably negligible if the review
system design does not allow for mutual reviewing (e.g., Bolton et al. 2013). Similar to the study by
Bolton et al. (2013) on mutual reviewing, there is a multitude of studies investigating the moderating
impact of design features like management responses (e.g., Proserpio and Zervas 2017), review
elicitation (e.g., Cabral and Li 2015), and more. With the increasing amount of such research explicitly
studying design features (e.g., Li and Hitt 2010; Jiang and Guo 2015; Li 2017) and the multitude of
studies on online reviews proposing the introduction of not yet analyzed design features (e.g., Kwark
et al. 2014; Moreno and Terwiesch 2014; Zimmermann et al. 2018), there is an evident need for such a
literature review to inform research and practice on the current body of knowledge as well as to guide
future research towards novel avenues with a research agenda. Accordingly, | formulate the following

research gap:
Gap 1: There is no review of the literature on the design of review systems.

The first study of this dissertation addresses this gap by conducting a systematic literature review. As a

result of the corresponding synthesis of the literature, we identify three overarching research gaps:

1. “Multiple design features for review systems have not yet been analyzed.” (Gutt et al. 2019b,
p. 110)

2. “The design of review systems for different environments is under-investigated.” (Gutt et al.
2019b, p. 111)

3. “The design of review systems for different devices is under-investigated.” (Gutt et al. 2019b,
p. 112)

12



Synopsis

The remaining studies of this dissertation contribute to two specific research gaps, which both represent

a subarea of the first two overarching gaps cited above, and identified in Gutt et al. (2019b).

First, there are numerous design features that have been proposed by prior literature, but without having
been analyzed yet. These suggestions generally stem from the implications generated by studies on the
drivers or economic outcomes of reviews. As a result, research should be dedicated to evaluating and
expanding upon these suggestions. Design features that have been proposed and discussed, for example,
include reputation discontinuity mechanisms, whereby changes in product quality are considered when
aggregating and displaying reviews. Prior studies suggest that review systems need to give a greater
weighting to recent reviews (Dai et al. 2018; Ghose 2009), while others argue for a complete removal
of old reviews (i.e., reputation resetting, Moreno and Terwisch 2014). Old reviews might no longer
reflect the current product quality and may even prevent sellers whose products had previously received
negative reviews from surviving in the market even after having improved their products’ quality. In
stark contrast with this view, some studies propose to actively promote older reviews despite potential
quality changes because, in line with studies on psychological distance, they can be perceived as more
helpful if the reader’s purchase decision or consumption is lying further ahead in the future (Jin et al.
2014). Studies on review system design have contributed to this discussion by analyzing types of
mechanisms referred to as Window Aggregation Mechanisms (Aperjis and Johari 2010) that only
display the latest k reviews (Dellarocas 2005, Aperjis and Johari 2010). They provide theoretical
evidence that it is optimal for market efficiency if reviews are aggregated on a fixed time window.
However, these findings focus only on market level outcomes and on dishonest behavior by sellers.
They do not consider the impact of reputation discontinuity, and more specifically reputation resetting,
on individual types of sellers. Most notably, there is no empirical analysis of reputation resetting
mechanisms, which remove a product’s full review history when its quality has changed. Therefore, |
conclude that there is a knowledge gap regarding the understanding of such reputation discontinuity

mechanisms and their impact on economic outcomes.

Gap 2: There is a lack of knowledge about the impact of reputation discontinuity mechanisms on

economic outcomes.

Second, the offline-online interaction of a consumer’s review environment is an important avenue for
future research that needs to be addressed (Gutt et al. 2019b). This gap is not limited to review system
design but extends to the entire body of knowledge on online reviews (Gutt 2019). Before analyzing
the moderating impact of review system design in this context, it is therefore necessary to first
understand the underlying relationships between the local offline environment as a driver of reviews
and the resulting economic outcomes. In this context, prior research has analyzed the impact of
reviewers’ cultural backgrounds on their reviewing behavior (Fang et al. 2013; Hong et al. 2016; Koh

et al. 2010). Other empirical studies have been conducted on the impact of local market competition on
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rating distributions (Gutt et al. 2019a), on the volume of reviews (Liu et al. 2018), and on fake reviews
(Luca and Zervas 2016; Mayzlin et al. 2014). Moreover, it has been shown that location-based
augmented reality apps used in local markets increases the volume of reviews for businesses close to

the app’s marked locations (Pamuru et al. 2020).

Understanding the role of a consumer’s geographic location for their reviewing behavior is central to
this research gap. Forman et al. (2008) show that, when reviewers share the same geographic location,
it increases the positive impact of reviews on sales. A reviewer’s geographic location gains additional
meaning in the context of local stationary industries like restaurants and shopping malls. In this case,
geographical location creates a natural segmentation between local reviewers and traveling reviewers.
If this segmentation introduces biases into review systems, aggregated review metrics and rankings
based on these metrics will strongly differ between businesses that predominantly attract locals and
those that predominantly attract travelers, contributing to an uneven competition between these
businesses. Huang et al. (2016) present results suggesting a positivity bias in ratings exhibited by
reviewers who review a restaurant from both a geographical and a temporal distance. Kokkodis and
Lappas (2020) expand upon this finding by showing a city popularity bias for restaurant ratings.
According to their results, travelers exhibit a positivity (negativity) bias if their hometown has a lower
(higher) popularity (operationalized as the number of hotel reviews posted in these towns) compared to
the popularity of the reviewed restaurant’s location. While these studies provide first insights into the
impact of a consumer’s offline location on their online reviewing behavior, there are still several aspects
to be addressed. First, the theoretical lenses employed by these studies have been developed in an offline
context. However, taking consumer evaluations to the online context might require additional
theoretical reasoning. As a result, there is a lack of theoretical understanding regarding the interaction
between consumers’ offline environment and online reviewing behavior. Second, markets that create
geographical heterogeneity amongst consumers are also prone to specific consumer behavior such as
variety-seeking (Ariely and Levav 2000; Kahn 1995) or transaction utility considerations induced by
travel costs (Spiekermann et al. 2011; Thaler 1983). These behavioral patterns may influence the role
of geographic locations in the online review context but have not been studied in the online review
literature. Finally, the extant literature in this stream of research does not consider how biases stemming
from the offline-online interaction affect the economic outcomes of reviews. Consequently, the third

research gap reads as follows:

Gap 3: There is insufficient knowledge on the impact of a reviewer’s offline location on their online

reviewing behavior and on the economic outcomes of reviews.

The scarcity of knowledge on the offline-online interaction is of particular concern in light of the surge
of such research in other areas of information systems research. For instance, it has been shown that

one’s online purchasing behavior decreases when a local store opens in one’s hometown (Forman et al.
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2009) and that consumer surplus increases if a local store expands its business to the online channel
(Nault and Rahman 2019). Similarly, the local competition of offline lending institutions affects
consumers’ online peer-to-peer lending behavior, with more competitive markets causing borrowers to

pay off their online peer-to-peer debt earlier (Alyakoob et al. 2021).
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4. Overview and Contribution

The aim of this dissertation is to contribute to the three aforementioned research gaps. To this end, |
present four research papers that form the core part of this dissertation. In these papers, | employ a wide
range of research methods. In the first (Gutt et al. 2019b), we conduct a scoping literature review (Paré
et al. 2015) and give a comprehensive overview of research on review system design. The three
subsequent research papers are built on the rich body of knowledge identified during the literature
search, which does not only feature work on review system design but also on drivers and economic

outcomes of reviews.

In the second paper (Gutt et al. 2020), we focus on advancing our understanding of review system
design by examining the economic consequences of reputation resetting. We empirically analyze the
market for Apple apps where, at the time of data collection, updating one’s app is associated with a
removal of the app’s review history. This mechanism has been implemented to account for potential
quality changes and thus aims to ensure that all reviews concern the current version of the app.
Leveraging the impact that the platform owner’s update of the operating system has on developers’
need to update their apps, we find that platform-driven reputation resetting benefits those developers
that have a negative reputation (as their sales ranking decreases), but is detrimental to developers with

a positive reputation, because their sales ranking increases as a result of the resetting.

Having revealed the overall lack of knowledge on the impact of a consumer’s offline location (Gutt et
al. 2019b), in our third paper, we conduct an empirical analysis of restaurant reviews (Neumann et al.
2021). We find that psychological distance induced by a consumer reviewing as a traveler or as a local
is associated with a positivity as well as a negativity bias in online ratings. As a result, this raises
questions on how these biases manifest in economic outcomes and whether they are detrimental for
consumers: Does a psychological distance bias impede consumer decision making and does it allow
sellers to exploit these inaccuracies? Are consumers worse off in terms of consumer surplus due to these

biases?

Given that consumers in markets with geographical heterogeneity (e.g., restaurants, shopping, arts and
entertainment, and nightlife) often exhibit variety-seeking behavior, | present an analytical model that
I used to analyze the economic impact of online ratings in such markets. The analysis reveals how
biased ratings affect prices, profits and consumer surplus under variety-seeking behavior and therefore
sheds more light on the economic impact of the biases reported in the third study. Amongst other things,
the results of the analysis suggest that positively biased ratings can benefit consumer surplus, whereas

negatively biased ratings harm consumer surplus.

Table 3 presents the submitted research papers with their corresponding research question(s),

methodology, data source and their classification according to Figure 1.
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Table 3: Classification and Properties of Submitted Studies

Research Study Research Methodology Data Source Classification
Gap Question(s) according to
Conceptual
Model
(Figure 1)
Gap 1: Gutt et What is the state-of-  Scoping Acrticles Design
Consolidated | al. the-art in review literature published in moderates:
View on (2019b) | system design? review top journals Drivers 2>
o what e o nulile  Revis
Design remaining (esearch Design
gaps in review moderates:
system design? Reviews -
What are promising gﬁ??grr:ég
ways to close the
research gaps?
Gap 2: Gutt et What is the effect of Fixed effects  Apple app Design
Reputation al. (2020) | a reputation regression, store, moderates:
Discontinuity resetting mechanism instrumental — appannie.com  Reviews >
Mechanisms on app demand? variables Economic
How does the role regression Outcomes
of the platform and
prior app reputation
influence this
relationship between
reputation resetting
and app demand?
Gap 3: Neumann | How does Fixed effects  TripAdvisor.c  Drivers >
Reviewer etal. psychological regression, om, Yelp.com Reviews
Offline (2021) distance in spatial clustering
Location and temporal
dimension affect the
online evaluations
of negative
consumer
experiences?
Neumann | How do online Analytical - Reviews -
(2021) ratings affect market Modeling Economic
outcomes if Outcomes

consumers are
variety-seeking?

In the remainder of this section, | give a summary of each research paper, provide information on each

author’s individual contribution, and give details on the scientific dissemination of each work.
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4.1 Gutt et al. (2019b)

In this study, we synthesize the literature (Webster and Watson 2002) on review system design. We
establish that decisions regarding review system design are strategic choices that impact reviewing
behavior and economic outcomes, turning these systems into strategic information systems. To classify
the extant literature, we develop a research model (see Figure 1) that demonstrates how design features
moderate the relationships between (a) drivers and reviews, and between (b) reviews and economic
outcomes. With the aim of conducting a scoping review (Paré et al. 2015), we manually searched
through all issues of 38 reputable journals, between 1991 and 2017, from various domains such as
marketing, information systems, and operations management. We coded the list of the 312 papers on
online reviews identified during this search according to our research model. This list is not limited to
research on system design but also contains studies that analyze drivers or economic outcomes. As a
result of the synthesis, we identify three research gaps. First, we find that many studies have proposed
design features as an implication of their analysis of drivers or economic outcomes. However, many of
these features (e.g., review templates) have not been studied thoroughly. Additionally, there are novel
design features implemented by established review systems (like Amazon’s Q&A feature) that have
gained little scholarly attention. Second, we identified several distinct review environments, namely
B2B environments, two-sided reviewing environments, and environments characterized by an online-
offline interaction. The unique features of each of these environments challenge the existing results
obtained in the traditional B2C environment. For instance, reviewer anonymity should affect reviewing
behavior in a B2B setting because the name of the reviewer’s employer can be presented next to their
review, which might be problematic in case of a negative review. Finally, we postulate that there is a
lack of research on the different devices used for writing reviews such as speech-controlled devices.

For each of these research gaps, we provide an agenda to encourage further research.
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Table 4: Gutt et al. (2019b): Joint Work, Presentations Scientific Dissemination

Co-authorship with D. Gutt, S. Zimmermann, D. Kundisch and J. Chen (30% D. Gutt, 30% J.
Neumann, 16% S. Zimmermann, 16% D. Kundisch, 8% J. Chen)

= Concretization of the research question jointly by all authors

=  Positioning of the paper jointly by all authors

= Literature collection jointly with D. Gutt, S. Zimmermann and D. Kundisch

x = Development of the conceptual model jointly with D. Gutt, S. Zimmermann and D.
o
s Kundisch
g = Interrater coding jointly with D. Gutt, S. Zimmermann and D. Kundisch
= Statistical evaluation of interrater agreement by D. Gutt
= Additional interrater coding by N. Kriiger and M. Muller (student assistants)
= Write-up of paper jointly with D. Gutt, S. Zimmermann and D. Kundisch
= Write-up of the response to the reviewers and editors jointly with D. Gutt
=  Feedback, comments, and corrections by S. Zimmermann and D. Kundisch
[%2)
<
=
g =  This work has not been presented so far.
B
o
=  The work on this paper was started in May 2017.
S =  The proposal for this paper was initially submitted to the Journal of Strategic Information
~§ *§ Systems in June 2017.
= £
g % = An earlier version of this paper was published in the dissertation by Gutt (2019).
%]
'3 = The paper was published in the Journal of Strategic Information Systems, (VHB Jourqual

3 ranking: A) in June 2019 after three rounds of revisions.

4.2 Gutt et al. (2020)

With this study, we investigate how reviews affect sales under a platform regime that ties product
updates to reputation resetting. Specifically, we examine data from a market for smartphone apps (the
Apple app store) where each update has the potential of changing an app’s functionality, for example,
displaying the weather forecast instead of the current time. Therefore, the platform has implemented a
mechanism that resets an app’s review history (including all aggregated metrics) every time its
developer releases a new update. The platform also releases a yearly update of its own operating system,
which makes subsequent updates to certain apps necessary to ensure their operational stability. This
allows us to study platform-driven reputation resetting and compare it to deliberate reputation resetting
(i.e., driven by developers releasing regular updates). Operationalizing reputation with the number of
reviews an app has accumulated, we find that platform-driven resetting has a negative (positive) impact

on the sales of apps that had a relatively high (low) reputation prior to their update. For updates that are
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released deliberately by the developers, our results suggest that they are associated with an increase in
sales regardless of an app’s reviews prior to the reset. Counter to intuition, we also find that developers
do not seem to strategically align their updating (and thus resetting) behavior with updates to the
platform’s operating system update. These findings inform platform owners on the consequences of
their review system design. We can conclude that the presence of this design feature does not keep the
platform’s contributors (i.e., developers) from improving their contributions (i.e., apps). However,
although this design feature was introduced with the intention of keeping reviews updated as well as
accurate, its interaction with the platform’s own behavior (in form of updates to the operating system)

negatively affects its most reputable contributors.

Table 5: Gutt et al. 2020: Joint Work, Presentations Scientific Dissemination

Co-authorship with D. Gutt, W. Jabr and D. Kundisch (30% D. Gutt, 30% J. Neumann, 25% W. Jabr,
15% D. Kundisch)

= Literature review jointly by all authors

=  Concretization of the research question jointly by all authors

= Positioning of the paper jointly by all authors

§ = Identification of background and hypotheses development jointly with D. Gutt
= = Data collection from Apple App Store and AppAnnie by W. Jabr
S = Data preparation jointly with D. Gutt
= Empirical analysis jointly with D. Gutt
= Write-up of paper jointly by all authors
= Write-up of the response to the reviewers and revision of the paper jointly with D. Gutt
=  Feedback, comments, and corrections by W. Jabr and D. Kundisch
= Gutt, D., Neumann, J., Jabr, W., Kundisch, D. 2019. The App Updating Conundrum:
Implications of Platform’s Rating Resetting on Developers’ Behavior, in: Proceedings of
g the 40th International Conference on Information Systems (ICIS), Munich, Germany.
% = Gutt, D., Neumann, J., Jabr, W., Kundisch, D. 2020. The Fate of the App — Economic
% Implications of Updating under Reputation Resetting, contribution at: Business
* Information Management Department Research Seminar, Erasmus University
Rotterdam, Rotterdam, Netherlands (presented by D. Gutt).
= The work on this paper started in March 2018.
S = An earlier version of this paper is published in the proceedings of the International
:—i E Conference on Information Systems (ICIS) 2019 (VHB Jourqual 3 ranking: A).
g % = The paper was initially submitted to Information Systems Research in May 2020.
'3 = The paper is currently in preparation for resubmission (reject with opportunity to resubmit)

to Information Systems Research, (VHB Jourqual 3 ranking: A+).
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4.3 Neumann et al. (2021)

In this study, we analyze the role of a reviewer’s geographical location (i.e., whether they are reviewing
as local or as traveler) and the psychological distance it induces for their online ratings. From reviewing
the literature, we conclude that the positive relationship between being a traveler and one’s rating that
has been established by prior literature (Huang et al. 2016) relies on Construal Level Theory (Trope
and Liberman 2010), which suggests that feeling psychological distance, i.e., temporal or spatial
distance towards a past experience, results in a more abstract representation of that experience.
However, by building on insights from Self-Enhancement Theory and Self-Distancing Theory, we
theorize that the online setting of reviewing an experience also introduces a negativity bias. In particular,
we hypothesize that the sentiment of the experience moderates the positive relationship postulated by
Construal Level Theory with negative sentiment weakening this relationship. To test this hypothesis,
we empirically analyze two comprehensive datasets of restaurant reviews from TripAdvisor.com and
Yelp.com. Our results from a multi-way fixed effects regression analysis suggest that, apart from the
already established positivity bias exhibited by travelers, we also observe a negativity bias. In case of a
negative experience, travelers indeed give lower ratings than locals. Conducting an extensive textual
analysis, we are able to attribute this finding to the psychological distance felt by travelers, which
enables them to overcome the need to protect their self-view from sharing negative experiences online
with others. We also find that this relationship only holds for the dimension of spatial distance but not
for temporal distance, which challenges the common understanding that both of these distances are
mentally conceptualized in the same way (Maglio et al. 2013). These results support review system
designers in their efforts to de-bias ratings and adjust their rankings. We also contribute to theory by
being the first to combine Self-Enhancement Theory and Self-Distancing Theory to advance our

understanding of the impact of psychological distance on online consumer evaluations.
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Table 6: Neumann et al. (2021): Joint Work, Presentations Scientific Dissemination

Co-authorship with D. Gutt and D. Kundisch (60% J. Neumann, 30% D. Gutt, 10% D. Kundisch)
= Literature review jointly with D. Gutt
= Concretization of the research question jointly by all authors
=  Positioning of the paper jointly by all authors
= Identification of theoretical background and hypotheses development by J. Neumann

_<§ = Data collection jointly with D. Gutt
j= = Data preparation and textual analysis by J. Neumann
S =  Provision of geocodes using the MapQuest API by N. Kriger (student assistant)
= Empirical analysis by J. Neumann
= Write-up of paper jointly with D. Gutt
= Write-up of the response to the reviewers and revision of the paper jointly with D. Gutt
=  Feedback, comments, and corrections by D. Kundisch
= 06/2017: Neumann, J., Gutt, D., Kundisch, D. 2017. The Traveling Reviewer Problem —
Exploring the Relationship Between Offline Locations and Online Rating Behavior,
contribution at: Fakultatsforschungsworkshop in Lippstadt, Paderborn University.
(presented by D. Gutt and J. Neumann).
= 11/2017: Neumann, J., Gutt, D., Kundisch, D. 2017. The Traveling Reviewer Problem —
Exploring the Relationship Between Offline Locations and Online Rating Behavior,
contribution at: Topics in Economics and Management (TEAM), Paderborn University.
(presented by D. Gutt).
= 11/2017: Neumann, J., Gutt, D., Kundisch, D. 2017. The Traveling Reviewer Problem —
Exploring the Relationship Between Offline Locations and Online Rating Behavior,
§ contribution at: INFORMS Annual Meeting, Houston, USA.
§ = 12/2017: Neumann, J., Gutt, D., Kundisch, D. 2017. The Traveling Reviewer Problem —
§ Exploring the Relationship between Offline Locations and Online Rating Behavior, in:

Proceedings of the Thirty Eighth International Conference on Information Systems
(ICIS), Seoul, South Korea.

= 02/2018: Neumann, J., Gutt, D., Kundisch, D. 2018. The Traveling Reviewer Problem -
Exploring the Relationship Between Offline Locations and Online Rating Behavior,
contribution at: Workshop IS Design and Economic Behavior (ISDEB), Lineburg,
Germany. (presented by D. Kundisch and D. Gutt).

= 06/ 2018: Neumann, J., Gutt, D., Kundisch, D. 2018. The Traveling Reviewer Problem -
Exploring the Relationship Between Offline Locations and Online Rating Behavior,
contribution at: Symposium on Statistical Challenges in Electronic Commerce Research
(SCECR), Rotterdam, Netherlands. (presented by D. Gultt).
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= The work on this paper started in December 2016.

= An earlier version of this paper was published in the proceedings of the International
Conference on Information Systems (ICIS) 2017 (VHB Jourqual 3 ranking: A).

= An earlier version of this paper was published in the dissertation by Gutt (2019).

= The paper was initially submitted to Management Information Systems Quarterly (MIS
Quarterly) in August 2020.

= The paper is currently under review (after one round of major revisions) at Management

Scientific Dissemination

Information Systems Quarterly (MIS Quarterly), (VHB Jourqual 3 ranking: A+).

4.4 Neumann (2021)

In this study, | investigate the economic impact of online ratings in markets where consumers have an
intrinsic desire for variety. This means that consumers, driven by curiosity or boredom, switch between
products or sellers just for the sake of variety. In these markets, online ratings are particularly important
because consumers need to frequently assess the quality of alternative offerings. | develop a two-period
analytical model to study such a market. In this model, I let consumers experience a diminished utility
from consuming the same good a second time and introduce (potentially biased) online ratings that
inform consumers about product quality in the second period. The analysis of this model reveals that if
intrinsic variety-seeking tendencies are sufficiently strong, low-quality sellers have a higher incentive
to improve their rating. Further, I find that dynamically adjusting one’s price to one’s rating is
increasingly profitable with increasing intrinsic variety-seeking behavior. These results inform sellers
on when to invest in reputation management instead of customer retention measures, and how profitable
it can be to reduce menu costs. Finally, | find that, in case of strong intrinsic variety-seeking, positively
biased ratings increase consumer surplus, whereas negatively biased ratings decrease it. This is because
any increase in a seller’s rating is associated with an increase in prices and in variety-seeking consumers
coming from competitors, which contributes to a decrease in consumer surplus. However, this price
increase also leads to more consumers leaving for the competitor. Further, it leads to the competitor
decreasing their price. This, in contrast, has the effect of contributing to an increase in consumer surplus,
which outweighs the previously described decrease. The findings of this study inform sellers operating
in such markets on the benefits of reputation management and of dynamic rating-based pricing. The
counterintuitive finding of biased ratings benefitting consumers supports review system designers in
their de-biasing strategies. This result gains further importance in light of the discovery, in Neumann et
al. (2021), of a negativity bias in the restaurant market (see 4.3). According to the model analysis
presented in Neumann (2021) and the strong variety-seeking tendencies found in the restaurant industry
(Ha and Jang 2013), the negativity bias exhibited by travelers decreases consumer surplus of local

consumers, whereas the positivity bias established by prior literature does not.
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Table 7: Neumann (2021): Joint Work, Presentations Scientific Dissemination

=
% Single authored paper
.'_%’
§ = 11/2018: Neumann, J. The Economics of Online Reviews in Markets with Variety-Seeking
g Consumers, contribution at: INFORMS Conference on Information Systems and
g Technology (CIST), Phoenix, USA.
s = The work on this paper started in January 2018.
é g =  The paper was initially submitted to Marketing Science in May 2021.
g é = The paper is currently under review (first round) at Marketing Science, (VHB Jourqual 3
[ ranking: A+).
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5. Reflection on Methodology

In this section, | reflect on the research methods employed in the research papers of this dissertation. In
particular, | describe the main drawbacks associated with the choice of these methods. | also explain
how these drawbacks have affected the analyses conducted in the studies and the measures taken to

mitigate them.

Any research endeavor should incorporate a review of prior literature (Webster and Watson 2002). The
central challenge of any literature review is to present a critical review of prior work and provide a
research agenda to guide future research (Rowe 2014), rather than merely summarize the literature. To
conduct a thorough and rigorous literature review, different types of review methodologies are
available, each entailing its own advantages and drawbacks. Paré et al. (2015) presents nine types of
literature reviews in information systems research, each of which can be assigned to a specific
overarching goal. Following this typology, the literature review conducted in Gutt et al. (2019b) has
been designed and executed as a scoping review with the overarching goal of ‘aim[ing] to summarize
the extant literature [...] to provide [...] a broad and comprehensive background for understanding a
current state of knowledge’ (Paré et al. 2015, p. 185). This goal is suitable to address the first research
gap of this dissertation, which calls for a comprehensive review of the literature. Narrative reviews and
descriptive reviews also share this goal. According to Paré et al. (2015), the former lack a
comprehensive and systematic search strategy. The latter impose a pre-defined theoretical framework
and restrict their search to empirical research in order to identify trends and patterns supporting or
contradicting this framework. Scoping reviews also include conceptual and analytical research into their
synthesis (Paré et al. 2015), which suits the case of research on review system design with its wide
range of theories and research methods. Central drawbacks regarding this type of review are rooted in
(1) the effort required to achieve comprehensiveness (Paré et al. 2015), and (2) the difficulty of
assessing article quality (Levac et al. 2010). We were able to overcome the first drawback by investing
enough effort into conducting a comprehensive issue-by-issue search strategy for 38 scientific journals
and a supplemental keyword search. Additionally, following the advice by Daudt et al. (2013) to involve
at least two persons in the coding of articles, we got graduate student assistants to code the articles of a
subset of these journals and found sufficiently high intercoder reliability with our own assessments.
Indeed, the effort required to get every journal article coded by multiple persons would have been too
large, but employing this procedure to a subset still lent further support to the comprehensiveness of
our literature search. Regarding the second drawback (the difficulty of assessing article quality), we
relied on several established lists of high-quality journals to select articles of sufficiently high quality.
Even though this approach has led to the exclusion of a substantial number of articles (e.g., grey
literature and conference proceedings), it helped to manage the effort required to conduct this review,

while also ensuring that the articles discussed in our literature review meet the quality requirement.
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In Gutt et al. (2020) and Neumann et al. (2021), we rely on an empirical analysis of observational data.
Dealing with such data is accompanied by concerns regarding (1) establishing causality (e.g., Angrist
and Pischke 2009), and (2) identifying the underlying theoretical mechanism (e.g., Beach 2013).
Naturally, an ideal way to establish causality is by running an experiment (Bhattacherjee 2012). In the
context of Gutt et al. (2020) and Neumann et al. (2021), this would mean designing an experiment that
allows to manipulate a seller’s reputation (e.g., as in He and Bond 2015) or a reviewer’s perceived
psychological distance (e.g., as in Henderson et al. 2006). However, the advantage of analyzing
observational data over conducting an experiment lies in the increase in external validity (Bhattacherjee
2012). In Gutt et al. (2020), we were able to address endogeneity concerns by identifying the platform’s
OS updating behavior as a natural experiment. The instrumental variables approach, which is suitable
for such a case (Angrist and Pischke 2009), allows us to identify the local average treatment effect of
reputation resetting for the compliers, i.e., those developers who update their app because they are
affected by the OS update. However, there still remains the concern that developers self-select into or
out of the need to update (and thus into or out of the reset of their reputation). While developers have
little to no influence over the platform updating policy, they might nevertheless anticipate their need to
update and thus try to actively influence the effect of the platform update, for instance by releasing a
feature update simultaneously. To mitigate this concern, we were able to identify developers that align
the release of new app features with their app updates by conducting a textual analysis of the release
notes accompanying an update. In the case of Neumann et al. (2021), establishing causality with
observational data was not possible. The spatial and temporal distance that we can observe remains the
result of endogenous decisions made by reviewers. However, we were able to adjust our regression
analyses to rule out alternative explanations for our results. Similar to prior research on psychological
distance and online reviews (Huang et al. 2016), we employ a multi-way fixed effects regression that
accounts for time-invariant reviewer and business heterogeneity. Most importantly, to ensure that our
results are not driven by travelers patronizing different types of restaurants when compared to locals,
we were able to restrict our sample to chain restaurants with reviewer-chain fixed effects, and to

introduce a clustering approach on an additional dataset from a second platform.

Regarding the identification of the theoretical mechanism, the information contained in review texts
often allows to obtain insights on behavioral aspects of consumers, which enables researchers to provide
further evidence on the mechanism when testing behavioral theories. Here, research on online reviews
can rely on psychology and psycholinguistics (e.g., Pennebaker et al. 2015) and on methods of textual
analysis in information systems research (e.g., Muller et al. 2016). In the case of Neumann et al. (2021),
we were able to provide evidence for the underlying mechanism by analyzing review texts for use of
self-referential language, which has been shown to be an indicator for self-distancing behavior (Kross
and Ayduk 2017). Even though the textual analysis we employed is a standard dictionary-based

approach instead of a more sophisticated one, it still exhibits the advantage of having a connection with
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the theoretical construct of self-distancing, which has been established by prior literature. In Gutt et al.
(2020), we were less concerned with behavioral aspects of reviewers. More important to our findings is
the behavior of potential buyers and their underlying decision-making process. This information could
not be derived from our data, but we could rely on the many prior studies that have already established

the positive impact of high reputation on sales.

Developing an analytical model allows researchers to derive propositions that can be used to predict
market outcomes. That is why many studies investigating the economic outcomes of online reviews
develop such analytical models (e.g., Kwark et al. 2014; Li and Hitt 2010). Following this approach
allowed me (1) to study the impact of biases in online ratings by developing an analytical model, and
(2) to contribute to the economic theory on online reviews. A central criticism regarding analytical
modeling is a lack of realism (Bichler et al. 2016). In this case, one could argue that the assumption of
rationally acting market participants is unreasonable. In direct contradiction to this criticism, and in line
with the suggestions by Bichler et al. (2016), | was able to incorporate empirically identified
regularities, for example variety-seeking behavior of consumers (e.g., Kahn 1995), into the model
developed in Neumann (2021). Furthermore, | was able to account for irrational behavior, for example
sellers exhibiting bounded rationality in their price setting (Che et al. 2007) and consumers relying on
biased ratings (Hu et al. 2017). Empirically validating the propositions of this model is left to future
research, since it would require data from multiple markets with different levels of intrinsic variety-

seeking behaviors. Such a validation would further boost the realism of this model.

Overall, we were able to strengthen the rigor and validity of the studies in this dissertation by addressing
the methodological drawbacks in multiple ways, namely (1) using empirical approaches to establish
causality or to rule out alternative explanations, (2) employing textual analyses to provide evidence for
theoretical mechanisms, and (3) incorporating model components that contribute to the realism of the

analytical model.
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6. Conclusion

The studies compiled in this dissertation advance our understanding on the informational inefficiencies
that stem from biases in online reviews and on the moderating role of the design of review systems in
overcoming such biases. The negativity bias in the reviewing behavior of travelers revealed in this
dissertation suggests that the impact of one’s offline environment on one’s online behavior (Neumann
et al. 2021) goes beyond the findings built on theoretical considerations developed solely in the offline
context (Huang et al. 2016; Trope and Liberman 2010). The economic impact of such biases is
substantial but also heterogenous (Neumann 2021). In markets where consumers exhibit variety-seeking
tendencies (e.g., Kahn 1995), the existence of a negativity bias can be detrimental to consumer surplus,
whereas a positivity bias can even be beneficial to consumer surplus (Neumann 2021). There exists a
rich body of literature on review system design and the important role that design features play in
alleviating or enhancing the occurrence and the economic impact of biases in general (Gutt et al. 2019b).
Reputation resetting as a form of reputation discontinuity is one such design feature that substantially
influences the relationship between online reviews and sales (Gutt et al. 2020). Nevertheless, there are
still many other interesting and relevant design features to be analyzed in future research, especially

when taking into account different review environments and devices (Gutt et al. 2019b).
6.1 Contribution and Implications
Contribution to Research and Theory

The results presented in Neumann et al. (2021) challenge the commonly accepted positive relationship
between psychological distance and consumer evaluation (both in an offline and online context)
established by research in psychology and marketing (e.g., Huang et al. 2016; Weingarten and Berger
2017). Therefore, the contribution of this work is not limited to information systems research but
extends to consumer psychology and marketing as well. We also contribute to theory, as we are, to the
best of my knowledge, the first to theoretically integrate Self-Enhancement Theory (Shrauger 1975)
and Self-Distancing Theory (Kross and Ayduk 2017). This theoretical advancement is rooted in the
unique setting that arises from taking word-of-mouth online in the form of online reviews. While prior
literature has focused on Construal Level Theory (Trope and Liberman 2010)—a theoretical foundation
that considers consumer evaluations articulated in an offline setting—the fact that online reviewing
involves sharing an experience with (potentially millions of) others has required additional theoretical
considerations. In this way, this dissertation also implies that taking on an information systems research
perspective, for instance by considering the unique properties of the online context, can foster the
development of theories created in other domains, such as psychology. Also, in contrast to prior
literature postulating that different dimensions of psychological distance share a similar meaning and a

common mental conceptualization (Maglio et al. 2013), we show that these dimensions can still lead to
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different outcomes in the online context. In this way, we answer the call by Maglio (2020) for more

research on divergent effects of different psychological distances.

The theoretical model 1 present in Neumann (2021) interweaves two well-established streams of
research. First, | contribute to economic theory on market outcomes under variety-seeking behavior
(e.g., Sajeesh and Raju 2010; Zeithammer and Thomadsen 2013) by introducing asymmetric
information and online ratings. Vice versa, | contribute to economic theory on market outcomes in the
presence of online reviews (e.g., Kwark et al. 2014, Li 2017) by introducing variety-seeking tendencies.
I also contribute to the discussion on the difference between intrinsically motivated variety seeking
(also referred to as true variety-seeking) and externally motivated variety-seeking (also called derived
varied behavior) (e.g., van Trijp et al. 1996; Sajeesh and Raju 2010) by analyzing ratings as a cause for
an increase in observable variety-seeking in the market. By connecting marketing-oriented models,
economics of information systems and behavioral theory | was able to generate not only novel insights
but also counterintuitive results. The results inform existing and future studies that reveal biases in

online ratings on the implications of these biases for markets.

Taken together, the results of Neumann et al. (2021) and Neumann (2021) demonstrate that, as
suggested by Chen et al. (2020), a combination of behavioral economics, empirical research, and
economic theory is necessary to design review systems. Without the economic analysis | present in
Neumann (2021), it would have remained unclear whether the positivity and negativity biases exhibited
by travelers (Neumann et al. 2021) always impair consumer decision making and decrease consumer
surplus. The exposure of the heterogenous effects of these biases strengthens the contribution of
Neumann et al. (2021) and adds to the importance of the research gap on the interplay between offline

environments and online behaviors identified in Gutt et al. (2019b).

The results presented in Gutt et al. (2020) rely conceptually on the analytical model by Kovbasyuk and
Spagnolo (2018) and thus add validity to their model setup. We also present a novel perspective on
negative outcomes of reputation discontinuity mechanisms, which opposes the otherwise predominantly
positive outcomes regarding market efficiency suggested by and found in prior research (Aperjis and
Johari 2010, Moreno and Terwiesch 2014, Dai et al. 2018).

The contribution of (Gutt et al. 2019b) is not limited to the provision of a comprehensive overview of
the literature and the development of a research agenda, as we also examine review system design
through a lens of strategic decision making. We consider review systems as specialized assets according
to the resource-based view of the firm (Barney 1991) and argue for the theoretical viability of our
proposed research agenda, taking a strategic perspective. The view which postulates that online
reputation lends a competitive advantage, has also been empirically validated by later research
(Taeuscher 2019). Since the publication of this paper, more research on review system design has been

published which contributes to closing the research gaps identified by our literature review. For
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instance, Teubner et al. (2019) analyze reputation portability as a novel design feature within a two-
sided review environment, and Pamuru et al. (2020) analyze the interaction between the offline and the
online environment by studying the relationship between using an augmented reality app and online

reviewing behavior, to name but a few.

All in all, each research paper in this dissertation relies on theories from a variety of domains outside
of information systems, namely psychology, marketing, strategic management, and economic theory.
Each study contributes novel insights to these theories by (1) empirically validating theoretical
considerations, (2) integrating multiple theoretical perspectives to generate novel insights, and/or (3)
validating theories in a new context. This is consistent with the notion that information systems research

is not dominated by a single theory (Bichler et al. 2016).
Implications for Practice

My dissertation provides practical implications for review system owners, sellers and consumers as well
as market regulators. Both sellers, who employ review systems on their websites, and third-party review
platforms can benefit from the insights generated by this dissertation. The comprehensive overview of
review system design (Gutt et al. 2019b) supports them in choosing appropriate design features for their
system and assessing the consequences of their design choices. In addition to this overview, we also
present practical insights on the consequences associated with implementing a reputation resetting
mechanism (Gutt et al. 2020). The existence of biases in online ratings by travelers (Neumann et al.
2021) informs review system owners, especially third-party platforms, that standard aggregation
mechanisms like displaying the average leads to the presentation of biased metrics. Often, literature
uncovering such a bias suggests de-biasing to improve consumer decision making. Kokkodis and
Lappas (2020), for instance, suggest that the ranking employed by a review system should account for
how much a restaurant is affected by the bias they find and thus adjust its ranking accordingly. However,
this dissertation also reveals that de-biasing might not always be beneficial for consumers because not
all biases lead to a decrease in consumer surplus (Neumann 2021). Consequently, taking this into
consideration when developing a de-biasing strategy is important for any review system owner. As
platforms actively elicit reviews, they should also be aware of the impact of psychological distance on
ratings. For instance, Google Maps Reviews often asks consumers for a review some time after they
have navigated to a business (Carney 2019). According to our findings in Neumann et al. (2021), these
ratings vary systematically depending on the spatial and temporal distance of the consumer at the time

of the elicitation.

My results suggest that sellers can adjust their decision making to realize higher profits (Neumann
2021). First, they can set their prices in response to a change in their online rating. According to my
findings, the potential loss from neglecting ratings in their pricing grows with the variety-seeking

tendencies of consumers in the market. This implies that, for instance in the restaurant market, measures
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to reduce menu costs like the digitalization of the ordering process should be implemented to reap the
benefits of dynamic price setting based on online ratings. Second, sellers should consider the results of
this dissertation in their online reputation management. I identify market scenarios that inform low- and
high-quality sellers on whether to invest in customer retention measures or in online reputation
management depending on the variety-seeking tendencies of the consumers in the market (Neumann
2021). Moreover, the systematic overview of the effects of design features also carries merits for sellers
(Gutt et al. 2019b). If system owners, for instance, decide to introduce management responses into their
review system, sellers arguably need to know how to interact with this design feature to improve their
reputation (Proserpio and Zervas 2017; Wang et al. 2020). Furthermore, being aware of a positivity bias
that, according to prior literature, exists between psychological distance and online ratings (e.g., Huang
et al. 2016), sellers might aim to selectively elicit reviews from travelers. However, this strategy might
backfire due to the presence of a negativity bias associated with psychological distance for negative

experiences (Neumann et al. 2021).

Being the less-informed party in transactions that need to rely on online reviews, consumers can also
benefit from the findings of this dissertation. When making a consumption decision regarding a local
offline business, they should incorporate potential biases (Neumann et al. 2021) into their decision
making, to avoid reducing their individual consumer surplus (Neumann 2021). They should also be
aware of the consequences of review system design features that are presented in our literature review
(Gutt et al. 2019b). For instance, knowing that multidimensional rating systems help to make better
decisions on a product or service (Chen et al. 2018) is valuable information for deciding which review
system provider to use. This knowledge is also helpful for market regulators aiming to protect
consumers. For instance, the US Federal Trade Commission (FTC) has decided that any reviewer, who
received some form of compensation for their review, needs to openly communicate their relationship
with the seller (FTC 2021). Given that this review elicitation is associated with a positivity bias (Cabral
and Li 2015; Neumann and Gutt 2019), it is important to know whether or not such a bias poses a

problem in terms of its effect on consumer surplus (Neumann 2021).
6.2 Limitations

Like with every research, there are limitations to the studies in this dissertation. Despite the rigor of our
literature search (Gutt et al. 2019b), there are outlets that we did not consider due to the scope of our
study. For instance, several studies on online reviews are published in conference proceedings (e.g.,
Fradkin et al. 2015; Gutt et al. 2017; Lopez and Farzan 2014), which cannot be identified through our
literature search strategy. Still, each of the other research papers contains an individual literature

overview that also considers these outlets.

Further, the research gap referring to the offline-online interaction in review environments has been

originally identified with the aim of studying design features that account for such interactions (Gutt et
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al. 2019). Even though the two studies related to this gap (Neumann et al. 2021; Neumann 2021) carry
implications for review system design, they do not directly investigate design features of specific review
systems. Although an analysis of the body of knowledge identified during our search has revealed that
this gap extends to drivers and outcomes of reviews as well (Gutt 2019), these two studies do not directly
contribute to research on review system design, but provide further design implications for review

environments with offline-online interactions.

Each of the various methodologies applied in the research papers of this dissertation also has its own
drawbacks. First, the empirical analysis of TripAdvisor and Yelp reviews that we conduct (Neumann
et al. 2021) can ultimately not rule out that reviewers decide themselves whether and where to travel as
well as whether and when to review, even though we employ several empirical strategies to make
restaurant visits by travelers comparable to those by locals. Second, although the analytical model |
have developed and the corresponding model analysis (Neumann 2021) considers bounded rationality
and aims to incorporate plausible decision making of market participants, these findings remain
theoretical until they can be empirically validated. Third, similar to the case of reviewers choosing
where to dine and when to review, in our study on reputation resetting (Gutt et al. 2020) we are unable

to observe developer decision making and their intentions behind their updating strategies.
6.3 Avenues for Future Research

Future research can build on the insights of my research. First, the above limitations could be addressed
by employing different research methodologies. An experimental study, for example, could add to the
internal validity of Neumann et al. (2021) and shed more light on the role of psychological distance in
reviewing behavior by actively manipulating perceived psychological distance (e.g., as in Henderson et
al. 2006). An analysis of real-world data could add validity to the propositions developed in Neumann
(2021). A supplemental survey study directed towards app developers could provide further insights

and complement our empirical strategy to extend the results presented in Gutt et al. (2020).

Second, we present a comprehensive research agenda that outlines open research areas on review system
design (Gutt et al. 2019b). One large area that still needs to be investigated and has not yet been touched
upon in this dissertation is the area of devices that are used to write and post a review. Despite the
emergence of first research in this area, for instance, focusing on chat-bot mediated reviewing
(Tsekouras et al. 2020), the increasing importance of speech-controlled devices such as smart speakers
(Wright 2020) needs to be met with more research on review system design that takes account of these
devices. Given that prior research has already shown first systematic differences between written and
oral word-of-mouth communication in private conversations amongst consumers (Berger and lyengar
2013), the oral word-of-mouth introduced by speech-controlled devices requires novel design features
to account for differences in the content of written and oral reviews but also in their impact on their

readers or listeners.
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Third, since we have shown that resetting one’s reputation upon a product update does not affect all
market participants equally and that it can lead to unintended interactions with the platform’s updating
policy, future research should be dedicated to developing and analyzing novel variants of reputation
discontinuity measures that can overcome these drawbacks. For instance, research could evaluate
reputation resetting policies that allow for an optional, rather than a mandatory, reset after an app update.
In such a case, developers’ reputation resetting becomes an additional strategic decision that
accompanies every update. Given that rating aggregation mechanisms and reputation resetting are
necessary because product quality can change over time, research should support practitioners by
developing reputation discontinuity mechanisms that enable platform designers to reliably identify
actual changes to quality across different market types (e.g., digital and physical goods, online and

offline markets).

Finally, the findings pertaining to the offline-online interaction (Neumann et al. 2021; Neumann 2021)
demonstrate the significant impact of offline circumstances on online reviewing behavior and on
associated economic outcomes, setting the stage for future work to develop and evaluate design features
to further address this research gap. In line with the call by Chen et al (2020) and following Neumann
(2021), research developing analytical models to study online reviews could more actively incorporate
behavioral economics. Given that we revisit an established relationship and apply a novel theoretical
lens to account for the online context (Neumann et al. 2021), our results should encourage future
research to pursue a similar avenue and challenge commonly accepted relationships within but also

outside the research stream on online reviews.

33



Synopsis

References

Akerlof, G. A. 1970. “The Market for “Lemons”: Quality Uncertainty and the Market Mechanism,” The
Quarterly Journal of Economics (84:3), pp. 488-500.

Alyakoob, M., Rahman, M. S., and Wei, Z. 2021. “Where You Live Matters: The Impact of Local
Financial Market Competition in Managing Online Peer-To-Peer Loans,” SSRN Electronic Journal
(doi: 10.2139/ssrn.2985099) (visited on 05/07/2021).

Angrist, J. D., and Pischke, J.-S. 2009. Mostly Harmless Econometrics: An Empiricist’s Companion,

Princeton, NJ: Princeton Univ. Press.

Aperjis, C., and Johari, R. 2010. “Optimal Windows for Aggregating Ratings in Electronic
Marketplaces,” Management Science (56:5), pp. 864-880.

Ariely, D., and Levav, J. 2000. “Sequential Choice in Group Settings: Taking the Road Less Traveled
and Less Enjoyed,” Journal of Consumer Research (27:3), pp. 279-290 (doi: 10.1086/317585).

Babi¢ Rosario, A., Sotgiu, F., Valck, K. de, and Bijmolt, T. H. 2016. “The Effect of Electronic Word
of Mouth on Sales: A Meta-Analytic Review of Platform, Product, and Metric Factors,” Journal of
Marketing Research (53:3), pp. 297-318 (doi: 10.1509/jmr.14.0380).

Bakos, J. Y. 1991. “A Strategic Analysis of Electronic Marketplaces,” MIS Quarterly (15:3), pp. 295-
310 (doi: 10.2307/249641).

Barney, J. 1991. “Firm Resources and Sustained Competitive Advantage,” Journal of Management
(17:1), pp. 99-120 (doi: 10.1177/014920639101700108).

Beach, D. 2013. “Taking Mechanisms Seriously?” European Political Science (12:1), pp. 13-15 (doi:
10.1057/eps.2012.5).

Berger, J., and Iyengar, R. 2013. “Communication Channels and Word of Mouth: How the Medium
Shapes the Message,” Journal of Consumer Research (40:3), pp. 567-579 (doi: 10.1086/671345).

Bhattacherjee, A. 2012. Social Science Research: Principles, Methods, and Practices, Textbooks
Collection. 3.

Bichler, M., Frank, U., Avison, D., Malaurent, J., Fettke, P., Hovorka, D., Krdmer, J., Schnurr, D.,
Mdller, B., Suhl, L., and Thalheim, B. 2016. “Theories in Business and Information Systems
Engineering,” Business & Information Systems Engineering (58:4), pp. 291-319 (doi:
10.1007/s12599-016-0439-2).

Bitkom.  2020. Jeder  Zweite liest Online-Bewertungen vor dem Kauf. URL:
https://www.bitkom.org/Presse/Presseinformation/Zweite-liest-Online-Bewertungen-Kauf#item-
5801 (visited on 03/17/2021).

34



Synopsis

Bolton, G., Greiner, B., and Ockenfels, A. 2013. “Engineering Trust: Reciprocity in the Production of
Reputation Information,” Management Science (59:2), pp. 265-285.

Cabral, L., and Li, L. 2015. “A Dollar for Your Thoughts: Feedback-Conditional Rebates on eBay,”
Management Science (61:9), pp. 2052-2063 (doi: 10.1287/mnsc.2014.2074).

Carney T. 2019. How do | stop being asked for ratings and reviews?. URL:
https://support.google.com/maps/thread/9957365/how-do-i-stop-being-asked-for-ratings-and-
reviews?hl=en (visited on 05/07/2021).

Che, H., Sudhir, K., and Seetharaman, P. B. 2007. “Bounded rationality in Pricing Under State-
Dependent Demand: Do Firms Look Ahead, and if so, How Far?” Journal of Marketing Research
(44:3), pp. 434-449.

Chen, P.-Y., Hong, Y., and Liu, Y. 2018. “The Value of Multidimensional Rating Systems: Evidence
from a Natural Experiment and Randomized Experiments,” Management Science (64:10), pp. 4629-
4647 (doi: 10.1287/mnsc.2017.2852).

Chen, Y., Cramton, P., List, J. A., and Ockenfels, A. 2020. “Market Design, Human Behavior, and
Management,” Management Science (Articles in Advance) (doi: 10.1287/mnsc.2020.3659).

Chen, Z. 2017. “Social Acceptance and Word of Mouth: How the Motive to Belong Leads to Divergent
WOM with Strangers and Friends,” Journal of Consumer Research (44:3), pp. 613-632 (doi:
10.1093/jcr/ucx055).

Cheung, C. M., and Thadani, D. R. 2012. “The Impact of Electronic Word-of-Mouth Communication:
A Literature Analysis and Integrative Model,” Decision Support Systems (54:1), pp. 461-470 (doi:
10.1016/j.dss.2012.06.008).

Chevalier, J. A., and Mayzlin, D. 2006. “The Effect of Word of Mouth on Sales: Online Book Reviews,”
Journal of Marketing Research (43:3), pp. 345-354 (doi: 10.1509/jmkr.43.3.345).

Connelly, B. L., Certo, S. T., Ireland, R. D., and Reutzel, C. R. 2010. “Signaling Theory: A Review and
Assessment,” Journal of Management (37:1), pp. 39-67 (doi: 10.1177/0149206310388419).

Dai, W., Jin, G., Lee, J., and Luca, M. 2018. “Aggregation of Consumer Ratings: An Application to
Yelp.com,” Quantitative Marketing and Economics (16:3), pp. 289-339 (doi: 10.1007/s11129-017-
9194-9).

Daudt, H. M. L., van Mossel, C., and Scott, S. J. 2013. “Enhancing the Scoping Study Methodology: A
Large, Inter-Professional Team’s Experience with Arksey and O’Malley’s Framework,” BMC
Medical Research Methodology (13:1), Article number 48 (doi: 10.1186/1471-2288-13-48).

35



Synopsis

Dellarocas, C. 2003. “The Digitization of Word of Mouth: Promise and Challenges of Online Feedback
Mechanisms,” Management Science (49:10), pp. 1407-1424 (doi:
10.1287/mnsc.49.10.1407.17308).

Dellarocas, C. 2005. “Reputation Mechanism Design in Online Trading Environments with Pure Moral

Hazard,” Information Systems Research (16:2), pp. 209-230 (doi: 10.1287/isre.1050.0054).

Dredge S. 2013. Yelp CEO talks mobile growth, global expansion... and doner kebabs. URL:
https://www.theguardian.com/technology/appsblog/2013/jun/05/yelp-ceo-jeremy-stoppelman-
mobile (visited on 03/17/2021).

Duan, W., Gu, B., and Whinston, A. B. 2008. “Do Online Reviews Matter? — An Empirical
Investigation of Panel Data,” Decision Support Systems (45:4), pp. 1007-1016 (doi:
10.1016/j.dss.2008.04.001).

Dubois, D., Bonezzi, A., and Angelis, M. D. 2016. “Sharing with Friends versus Strangers: How
Interpersonal Closeness Influences Word-of-Mouth Valence,” Journal of Marketing Research
(53:5), pp. 712-727 (doi: 10.1509/jmr.13.0312).

Falk, A., and Fischbacher, U. 2006. “A Theory of Reciprocity,” Games and Economic Behavior (54:2),
pp. 293-315 (doi: 10.1016/j.geb.2005.03.001).

Fang, H., Zhang, J., Bao, Y., and Zhu, Q. 2013. “Towards Effective Online Review Systems in the
Chinese Context: A Cross-Cultural Empirical Study,” Electronic Commerce Research and
Applications (12:3), pp. 208-220 (doi: 10.1016/j.elerap.2013.03.001).

Feng, J., Li, X., and Zhang, X. 2019. “Online Product Reviews-Triggered Dynamic Pricing: Theory
and Evidence,” Information Systems Research (30:4), pp. 1107-1123 (doi: 10.1287/isre.2019.0852).

Floyd, K., Freling, R., Alhoqail, S., Cho, H. Y., and Freling, T. 2014. “How Online Product Reviews
Affect Retail Sales: A Meta-Analysis,” Journal of Retailing (90:2), pp. 217-232 (doi:
10.1016/j.jretai.2014.04.004).

Forman, C., Ghose, A., and Goldfarb, A. 2009. “Competition Between Local and Electronic Markets:
How the Benefit of Buying Online Depends on Where You Live,” Management Science (55:1), pp.
47-57.

Forman, C., Ghose, A., and Wiesenfeld, B. 2008. “Examining the Relationship Between Reviews and
Sales: The Role of Reviewer Identity Disclosure in Electronic Markets,” Information Systems
Research (19:3), pp. 291-313 (doi: 10.1287/isre.1080.0193).

Fradkin, A., Grewal, E., Holtz, D., and Pearson, M. 2015. “Bias and Reciprocity in Online Reviews,”
Proceedings of the Sixteenth ACM Conference on Economics and Computation, p. 641 (doi:
10.1145/2764468.2764528).

36



Synopsis

FTC. 2021. DISCLOSURES 101 FOR SOCIAL MEDIA INFLUENCERS URL:
https://www.ftc.gov/tips-advice/business-center/guidance/disclosures-101-social-media-
influencers (visited on 05/07/2021).

Ghose, A. 2009. “Internet Exchanges for Used Goods: An Empirical Analysis of Trade Patterns and
Adverse Selection,” MIS Quarterly (33:2), pp. 263-291.

Gul, F. 1997. “A Nobel Prize for Game Theorists: The Contributions of Harsanyi, Nash and Selten,”
Journal of Economic Perspectives (11:3), pp. 159-174 (doi: 10.1257/jep.11.3.159).

Gutt, D. 2019. Essays on Drivers and Economic Outcomes of Online Reviews. (doi: 10.17619/UNIPB/1-
688)

Gutt, D., Herrmann, P., and Rahman, M. S. 2019a. “Crowd-Driven Competitive Intelligence:
Understanding the Relationship Between Local Market Competition and Online Rating
Distributions,” Information Systems Research (30:3), pp. 980-994 (doi: 10.1287/isre.2019.0845).

Gutt, D., Neumann, J., Zimmermann, S., Kundisch, D., and Chen, J. 2019b. “Design of Review Systems
— A Strategic Instrument to Shape Online Reviewing Behavior and Economic Outcomes,” The
Journal of Strategic Information Systems (28:2), pp. 104-117 (doi: 10.1016/j.jsis.2019.01.004).

Gutt, D., Neumann, J., Jabr, W., and Kundisch, D. 2020. “The Fate of the App — Economic Implications
of Updating under Reputation Resetting,” Working Paper, Paderborn University.

Gutt, D., Schlangenotto, D., and Kundisch, D. 2017. “You Can’t Buy my Rating! On the Pivotal Effect
of an Unconditional Gift on Rating Behavior,” Proceedings der 13. Internationalen Tagung
Wirtschaftsinformatik (W1), St. Gallen., pp. 1303-1317.

Ha, J., and Jang, S. 2013. “Variety Seeking in Restaurant Choice and its Drivers,” International Journal
of Hospitality Management (32), pp. 155-168 (doi: 10.1016/j.ijhm.2012.05.007).

Harsanyi, J. C. 1967. “Games with Incomplete Information Played by “Bayesian” Players, -1l Part I.
The Basic Model,” Management Science (14:3), pp. 159-182 (doi: 10.1287/mnsc.14.3.159).

Harsanyi, J. C. 1968a. “Games with Incomplete Information Played by “Bayesian” Players Part II.
Bayesian  Equilibrium  Points,” Management Science (14:5), pp. 320-334 (doi:
10.1287/mnsc.14.5.320).

Harsanyi, J. C. 1968b. “Games with Incomplete Information Played by “Bayesian” Players Part II1,”
Management Science (14:5), pp. 486-502.

He, S. X., and Bond, S. D. 2015. “Why is the Crowd Divided? Attribution for Dispersion in Online
Word of Mouth,” Journal of Consumer Research (41:6), pp. 1509-1527.

37



Synopsis

Henderson, M. D., Fujita, K., Trope, Y., and Liberman, N. 2006. “Transcending the “Here”: The Effect
of Spatial Distance on Social Judgment,” Journal of Personality and Social Psychology (91:5), pp.
845-856 (doi: 10.1037/0022-3514.91.5.845).

Hevner, A. R., March, S. T., Park, J., and Ram, S. 2004. “Design Science in Information Systems
Research,” MIS Quarterly (28:1), pp. 75-105 (doi: 10.2307/25148625).

Hong, H., Di Xu, Wang, G. A., and Fan, W. 2017. “Understanding the Determinants of Online Review
Helpfulness: A Meta-Analytic Investigation,” Decision Support Systems (102), pp. 1-11 (doi:
10.1016/j.dss.2017.06.007).

Hong, Y., Huang, N., Burtch, G., and Li, C. 2016. “Culture, Conformity, and Emotional Suppression

in Online Reviews,” Journal of the Association for Information Systems (17:11), pp. 737-758.

Hong, Y., and Pavlou, P. A. 2014. “Product Fit Uncertainty in Online Markets: Nature, Effects, and
Antecedents,” Information Systems Research (25:2), pp. 328-344 (doi: 10.1287/isre.2014.0520).

Hovland, C. 1. 1948. “Social Communication,” Proceedings of the American Philosophical Society
(92:5), pp. 371-375.

Hu, N., Pavlou, P. A., and Zhang, J. 2017. “On Self-Selection in Online Product Reviews,” MIS
Quarterly (41:2), pp. 449-471.

Huang, N., Burtch, G., Hong, Y., and Polman, E. 2016. “Effects of Multiple Psychological Distances
on Construal and Consumer Evaluation: A Field Study of Online Reviews,” Journal of Consumer
Psychology (26:4), pp. 474-482 (doi: 10.1016/j.jcps.2016.03.001).

Ipsos MORI. 2000. E-Commerce: Lack Of Consumer Trust Holds It Back. URL:
https://www.ipsos.com/ipsos-mori/en-uk/e-commerce-lack-consumer-trust-holds-it-back  (visited
on 03/17/2021).

Jiang, Y., and Guo, H. 2015. “Design of Consumer Review Systems and Product Pricing,” Information
Systems Research (26:4), pp. 714-730.

Jin, L., Hu, B., and He, Y. 2014. “The Recent versus The Out-Dated: An Experimental Examination of
the Time-Variant Effects of Online Consumer Reviews,” Journal of Retailing (90:4), pp. 552-566
(doi: 10.1016/j.jretai.2014.05.002).

Kagel, J. H., and Roth, A. E. 2020. The Handbook of Experimental Economics: Volume 2, Princeton:

Princeton University Press.

Kahn, B. E. 1995. “Consumer Variety-Seeking Among Goods and Services: An Integrative Review,”

Journal of Retailing and Consumer Services (2:3), pp. 139-148.

38



Synopsis

King, R. A., Racherla, P., and Bush, V. D. 2014. “What We Know and Don’t Know About Online
Word-of-Mouth: A Review and Synthesis of the Literature,” Journal of Interactive Marketing
(28:3), pp. 167-183 (doi: 10.1016/j.intmar.2014.02.001).

Koh, N. S., Hu, N., and Clemons, E. K. 2010. “Do Online Reviews Reflect a Product’s True Perceived
Quality?: An Investigation of Online Movie Reviews Across Cultures,” Electronic Commerce
Research and Applications (9:5), pp. 374-385 (doi: 10.1016/j.elerap.2010.04.001).

Kokkodis, M., and Lappas, T. 2020. “Your Hometown Matters: Popularity-Difference Bias in Online
Reputation Platforms,” Information Systems Research (31:2), pp. 412-430 (doi:
10.1287/isre.2019.0895).

Kovbasyuk, S., and Spagnolo, G. 2018. “Memory and Markets,” SSRN Electronic Journal (doi:
10.2139/ssrn.2756540).

Kross, E., and Ayduk, O. 2017. “Chapter Two — Self-Distancing: Theory, Research, and Current
Directions,” in Advances in Experimental Social Psychology, J. M. Olson (ed.), Academic Press,
pp. 81-136.

Kwark, Y., Chen, J., and Raghunathan, S. 2014. “Online Product Reviews: Implications for Retailers
and Competing Manufacturers,” Information Systems Research (25:1), pp. 93-110 (doi:
10.1287/isre.2013.0511).

Kwark, Y., Chen, J., and Raghunathan, S. 2017. “Platform or Wholesale?: Different Implications for
Retailers of Online Product Reviews,” MIS Quarterly (41:3), pp. 763-785 (doi:
10.2139/ssrn.2335745).

Levac, D., Colquhoun, H., and O’Brien, K. K. 2010. “Scoping Studies: Advancing the Methodology,”
Implementation Science (5:Article number 69) (doi: 10.1186/1748-5908-5-69).

Li, X. 2017. “Revealing or Non-Revealing: The Impact of Review Disclosure Policy on Firm
Profitability,” MIS Quarterly (41:4), pp. 1335-1345.

Li, X., and Hitt, L. M. 2008. “Self-Selection and Information Role of Online Product Reviews,”
Information Systems Research (19:4), pp. 456-474 (doi: 10.1287/isre.1070.0154).

Li, X., and Hitt, L. M. 2010. “Price Effects in Online Product Reviews: An Analytical Model and
Empirical Analysis,” MIS Quarterly (34:4), pp. 809-831.

Liu, A. X., Steenkamp, J.-B. E., and Zhang, J. 2018. “Agglomeration as a Driver of the Volume of
Electronic Word of Mouth in the Restaurant Industry,” Journal of Marketing Research (55:4), pp.
507-523 (doi: 10.1509/jmr.16.0182).

39



Synopsis

Lopez, C., and Farzan, R. 2014. “Analysis of Local Online Review Systems as Digital Word-of-
Mouth,” Proceedings of the 23™ International Conference on World Wide Web, pp. 457-462 (doi:
10.1145/2567948.2576933).

Luca, M. 2016. “Reviews, Reputation, and Revenue: The Case of Yelp.com,” Harvard Business School
NOM Unit Working Paper (12-016).

Luca, M., and Zervas, G. 2016. “Fake It Till You Make It: Reputation, Competition, and Yelp Review
Fraud,” Management Science (62:12), pp. 3412-3427 (doi: 10.1287/mnsc.2015.2304).

Maglio, S. J. 2020. “An Agenda for Psychological Distance apart from Construal Level,” Social and
Personality Psychology Compass (14:8) (doi: 10.1111/spc3.12552).

Maglio, S. J., Trope, Y., and Liberman, N. 2013. “The Common Currency of Psychological Distance,”
Current  Directions in  Psychological  Science  (22:4), pp. 278-282  (doi:
10.1177/0963721413480172).

Matos, C. A. de, and Rossi, C. A. V. 2008. “Word-of-Mouth Communications in Marketing: A Meta-
Analytic Review of the Antecedents and Moderators,” Journal of the Academy of Marketing Science
(36:4), pp. 578-596 (doi: 10.1007/s11747-008-0121-1).

Mayzlin, D., Dover, Y., and Chevalier, J. 2014. “Promotional Reviews: An Empirical Investigation of
Online Review Manipulation,” American Economic Review (104:8), pp. 2421-2455 (doi:
10.1257/aer.104.8.2421).

Merriam-Webster. 2021. Bias. URL: https://www.merriam-webster.com/dictionary/bias (visited on
05/07/2021).

Mir Djawadi, B., Fahr, R., Haake, C.-J., and Recker, S. 2018. “Maintaining vs. Milking Good
Reputation when Customer Feedback is Inaccurate,” PLOS ONE (13:11), e0207172 (doi:
10.1371/journal.pone.0207172).

Moreno, A., and Terwiesch, C. 2014. “Doing Business with Strangers: Reputation in Online Service

Marketplaces,” Information Systems Research (25:4), pp. 865-886.

Muchnik, L., Aral, S., and Taylor, S. J. 2013. “Social Influence Bias: A Randomized Experiment,”
Science (341:6146), pp. 647-651 (doi: 10.1126/science.1240466).

Miiller, O., Debortoli, S., Junglas, I., and Vom Brocke, J. 2016. “Using Text Analytics to Derive
Customer Service Management Benefits from Unstructured Data,” MIS Quarterly Executive (15:4),
pp. 243-258.

Nash, J. F. 1950. “Equilibrium Points in n-Person Games,” Proceedings of the National Academy of
Sciences (36:1), pp. 48-49.

40



Synopsis

Nault, B. R., and Rahman, M. S. 2019. “Proximity to a Traditional Physical Store: The Effects of
Mitigating Online Disutility Costs,” Production and Operations Management (28:4), pp. 1033-
1051 (doi: 10.1111/poms.12957).

Neumann, J., and Gutt, D. 2019. “Money Makes the Reviewer Go Round — Ambivalent Effects of
Online Review Elicitation in B2B Markets,” Proceedings of the 25th Americas Conference on

Information Systems (AMCIS), Cancun, Mexico.

Neumann, J. 2021. “When Biased Ratings Benefit the Consumer — An Economic Analysis of Online

Ratings in Markets with Variety-Seeking Consumers,” Working Paper, Paderborn University.

Neumann, J., Gutt, D., and Kundisch, D. 2021. “Reviewing from a Distance — Uncovering the
Negativity Bias of Psychological Distance in Online Word-of-Mouth,” Working Paper, Paderborn

University.

Pamuru, V., Khern-am-nuai, W., and Kannan, K. N. 2020. “The Impact of an Augmented Reality Game
on Local Businesses: A Study of Pokémon GO on Restaurants,” Information Systems Research
(Forthcoming).

Paré, G., Trudel, M.-C., Jaana, M., and Kitsiou, S. 2015. “Synthesizing Information Systems
Knowledge: A Typology of Literature Reviews,” Information & Management (52:2), pp. 183-199
(doi: 10.1016/j.im.2014.08.008).

Pennebaker, J. W., Booth, R. J., Boyd, R. L., and Francis, M. E. 2015. Linguistic Inquiry and Word
Count: LIWC2015, Austin, TX: Pennebaker Conglomerates (www.LIWC.net).

Proserpio, D., and Zervas, G. 2017. “Online Reputation Management: Estimating the Impact of
Management Responses on Consumer Reviews,” Marketing Science (36:5), pp. 645-665 (doi:
10.1287/mksc.2017.1043).

Rowe, F. 2014. “What Literature Review is not: Diversity, Boundaries and Recommendations,”
European Journal of Information Systems (23:3), pp. 241-255 (doi: 10.1057/ejis.2014.7).

Sajeesh, S., and Raju, J. S. 2010. “Positioning and Pricing in a Variety Seeking Market,” Management
Science (56:6), pp. 949-961.

Shrauger, J. S. 1975. “Responses to Evaluation as a Function of Initial Self-Perceptions,” Psychological
Bulletin (82:4), pp. 581-596 (doi: 10.1037/h0076791).

Spence, M. 1973. “Job Market Signaling,” The Quarterly Journal of Economics (3:87), pp. 355-374.

Spiekermann, S., Rothensee, M., and Klafft, M. 2011. “Street Marketing: How Proximity and Context
Drive Coupon Redemption,” Journal of Consumer Marketing (28:4), pp. 280-289 (doi:
10.1108/07363761111143178).

41



Synopsis

Sun, M. 2012. “How Does the Variance of Product Ratings Matter?” Management Science (58:4), pp.
696-707 (doi: 10.1287/mnsc.1110.1458).

Tadelis, S. 2016. “Reputation and Feedback Systems in Online Platform Markets,” Annual Review of
Economics (8:1), pp. 321-340 (doi: 10.1146/annurev-economics-080315-015325).

Taeuscher, K. 2019. “Reputation and New Venture Performance in Online Markets: The Moderating
Role of Market Crowding,” Journal of Business Venturing (34:6), pp. 1-17 (doi:
10.1016/j.jbusvent.2019.06.005).

Teubner, T., Hawlitschek, F., and Adam, M. T. P. 2019. “Reputation Transfer,” Business & Information
Systems Engineering (61:2), pp. 229-235 (doi: 10.1007/s12599-018-00574-2).

Thaler, R. 1983. “Transaction Utility Theory,” ACR North American Advances (NA-10), eds. Richard
P. Bagozzi and Alice M. Tybout, Ann Abor, Ml : Association for Consumer Research, pp. 229-232.

Trope, Y., and Liberman, N. 2010. “Construal-level Theory of Psychological Distance,” Psychological
Review (117:2), pp. 440-463 (doi: 10.1037/a0018963).

Tsekouras, D., Gutt, D., and Heimbach, I. 2020. “The Rise of Robo-Reviews: The Effects of Chatbot-
Mediated Review Elicitation on Online Reviews,” SSRN Electronic Journal (doi:
10.2139/ssrn.3754200) (visited on 05/07/2021).

van Trijp, H. C. M., Hoyer, W. D., and Inman, J. J. 1996. “Why Switch? Product Category: Level
Explanations for True Variety-Secking Behavior,” Journal of Marketing Research (33:3), pp. 281-
292 (doi: 10.2307/3152125).

Wang L., Ren, X., Wan, H., and Yan, J. 2020. “Managerial Responses to Online Reviews Under Budget
Constraints: Whom to Target and How,” Information & Management (57:8) (doi:
10.1016/j.im.2020.103382).

Webster, J., and Watson, R. T. 2002. “Analyzing the Past to Prepare for the Future: Writing a Literature
Review,” MIS Quarterly (26:2), pp. xiii-xxiii.
Weingarten, E., and Berger, J. 2017. “Fired up for the future: How Time Shapes Sharing,” Journal of

Consumer Research (44:2), pp. 432-447.

Williams, L. E., Stein, R., and Galguera, L. 2014. “The Distinct Affective Consequences of
Psychological Distance and Construal Level,” Journal of Consumer Research (40:6), pp. 1123-
1138 (doi: 10.1086/674212).

Wright, A. 2020. U.S. Smart Speaker Market Shares, 2019: Amazon and Google Continue to Dominate,
But Third-Party Speakers Gain Traction. URL:
https://www.idc.com/getdoc.jsp?containerld=US46187620 (visited on 05/07/2021).

42



Synopsis

Wojnicki, A. C., and Godes, D. 2017. “Signaling Success: Word of Mouth as Self-Enhancement,”
Customer Needs and Solutions (4:4), pp. 68-82 (doi: 10.1007/s40547-017-0077-8).

Wu, C., Che, H., Chan, T. Y., and Lu, X. 2015. “The Economic Value of Online Reviews,” Marketing
Science (34:5), pp. 739-754 (doi: 10.1287/mksc.2015.0926).

Wh, J., Wu, Y., Sun, J., and Yang, Z. 2013. “User Reviews and Uncertainty Assessment: A Two Stage
Model of Consumers” Willingness-to-Pay in Online Markets,” Decision Support Systems (55:1),
pp. 175-185 (doi: 10.1016/j.dss.2013.01.017).

Yelp. 2021. An Introduction to Yelp Metrics as of March 31, 2021. URL: https://www.yelp-
press.com/company/fast-facts/default.aspx (visited on 05/07/2021).

You, Y., Vadakkepatt, G. G., and Joshi, A. M. 2015. “A Meta-Analysis of Electronic Word-of-Mouth
Elasticity,” Journal of Marketing (79:2), pp. 19-39 (doi: 10.1509/jm.14.0169).

Zeithammer, R., and Thomadsen, R. 2013. “Vertical Differentiation with Variety-Seeking Consumers,”
Management Science (59:2), pp. 390-401 (doi: 10.1287/mnsc.1120.1585).

Zervas, G., Proserpio, D., and Byers, . W. 2020. “A First Look at Online Reputation on Airbnb, where
Every Stay is above Average,” Marketing Letters, pp. 1-16 (doi: 10.1007/s11002-020-09546-4).

Zimmermann, S., Herrmann, P., Kundisch, D., and Nault, B. R. 2018. “Decomposing the Variance of
Consumer Ratings and the Impact on Price and Demand,” Information Systems Research (29:4),
pp. 984-1002 (doi: 10.1287/isre.2017.0764).

43



